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ABSTRACT 


This thesis is devoted to a study of the Bongaird problet 
A Bongard problem is composed of tvro classes of boxes ^ each 
box containing an arbitrary collection of 2-D figures* The 
solution to a problCTi consists in determining a irule 
distinguishing one class from the other* Rules are usually 
combinations of geometric features and spatial relations* 

A methodology for solving Bongard problems is described 
whereby the process of rule discovery is liTcened to a best 
first search process in the space generated by the problem 
representation, guided by relevant heuristics* Evaluation 
functions are used to rate the nodes of the search space* 

The best first strategy is Implemented in the program as an 
agenda control structure. Seveiral sample solutions of 
Bongard problems as generated by the program are included* 

It is claimed that this model for problem solving is 
powerful enough to solve the Bongard problems* Limitations 
of the methodology concern learning by automated addition 


of new heuristics* 
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CHAPTER 1 


INTRODUCTION 

The ability of humans to detect 'patterns' from a 
given set of 'instances' is well known. This ability 
finds many uses# one of which is concerned with categorizing 
instances into mutually ejcclusive classes j, where an instance 
belongs to a particular class if it satisfies the rule 
defining the class. A rule may also be interpreted as 
some distinguishing property of a class# which is shared 
by all its members. Conversely, given a rule the set of 
instances satisfying it# which form the class as a whole# 
are termed its positive instances or examples# while those 
not satisfying it are termed its negative instances. 

The specific problem considered in this thesis can be 
stated more generally as 

'Given both a set of positive instances of a rule 
and a set of negative instances of it# to discover the 
rule' • 


Various methodologies or paradigms# fundamentally 
different in approach have been developed in an effort to 
solve the above problem. A brief discussion of some of 
these will be helpful in placing this work in relation to- 
extant theories in the area. 
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1 .1 Statistical pattern recocmition 

Most work in this area uses the following forrmilation 
of the problem - the set of positive instances is considered 
as constituting trial examples of one of a mutually 
exclusive set of prototypes Then^ given a test instance 
to be classified, the task is to determine the prototype 
to which it corresponds [ NILSSON 65 

Briefly, the methodology used is as follows* Each 
prototype is described by a set of attributes and each 
attribute by a list of attribute values. The set of 
attribute values is then considered as constituting a 
space of appropriate dimension and each sample is represented 
as a point in the space. By assigning each prototype to 
a subspace of the attribute space, a partitioning of the 
latter is achieved. Instances are classified by their 
locations in the attribute space, determined by ccroputing 
their attribute values. As the attributes are often 
considered to be statistically described, the original 
classification problem is then formulated in the framework 
of statistical decision theory. This approach has been 
used in many applications with varying degrees of success. 

Significant limitations of this approach in solving 
many types of problems have been pointed out elsewhere 
[NARASIMHAN 69 ] . One criticism of this approach relevant 



to the class of problems studied in this thesis is that 
by representing each instance as a point in the attribute 
space# information concerning the structure of the 
instance as relations between its parts is lost* 
Specifically consider the case when the rule concerns 
the spatial distribution of parts of the instance# like 
for example - the rule is that in all examples of a 
prototype# a triangle occurs inside of a circle* Any 
recognition system using statistical techniques will 
function poorly in this context since no clustering of 
prototypical examples in the attribute space can be 
expected. This is due to the difficulty in representing 
relations between parts of an instance by the attribute 
value representation scheme* 

1.2 Rule discovery as search 

A powerful paradigm in the area of problem solving 
views the process of rule discovery as a search in the 
space generated by the problem representation {[NILSSON 80 ] 

A reformulation of the rule discovery problem under 
the above paradigm is the followingr 

Given a set of instances P and a set of instances N# 
repeatedly generate a statement or predicate S about P and 
N# until every instance in P satisfies S and no Instance 


in N satisfies S, 
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The rule/ is that statement S vjhich satisfies the 
above condition. 

The issue now becomes one of evolving an efficient 
method by which the space can be searched for the rule* 
Various methods have been proposed to solve the above 
problem. 

( i) A sophisticated search strategy: A straightforward 
approach is to devise an algorithm which/ given a search 
space/ is computationally the least expensive method of 
searching the space* Many search strategies have been 
designed for different kinds of problems [NILSSON 71 ] • 
However/ since the size of the search space increases with thi 
complexity of the problari/ there are practical limitations 

of this approach for many problems. 

( ii) A better problem representations In some cases the 
size of the search space can be reduced by selecting an 
optimum representation for the problem. Thus even a 
simple search strategy would be sufficient to discover 
the rule in a reduced search space. Again, many 
representations have been evolved which are effective 
only for special types of problems, 

( iii) Heuristic knowledge based search: Here the view point 
is that a problem solving program which possesses a lot of 
knowledge about the domain in which it operates has to do a 
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minimal amount of searching for the rule* The issue then 
becomes what kind of knowledge should be stored and how to 
store it* 

Various knowledge representation schemes have been 
evolved. One such knowledge representation 

scheme consists in storing all the knowledge as 'thumb rules' 
or heuristics/ usually represented as procedures in some 
programming code. Each heuristic rule is useful only in 
a certain number of situations. The issue then is to 
discover good heuristics which perform well over as wide a 
range as possible. 

Lenat [lenat 76] has convincingly demonstrated the 
power of good heuristics in systems which synthesise new 
imles or concepts* His systcan uses three kinds of knowledge, 
two of which are domain- independent. 

( i) The first kind includes a lot of empirical rules 
for determining how interesting a concept is. For example- 
A concept is interesting if a lot of examples of it can 

be found, 

( ii) The second kind guides the search for new 
concepts. A useful rule for doing this is: If little 
or few examples of a concept have been discovered try to 
generalise it* 
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( iii) Finally domain-dependent knowledge in the 
form of an initial base of concepts are included* Example 
domains are Set-theo 2 ry and, recently VLSI design and game 
playing l[ LENAT 83 ] • 

1,3 Some general features of the methodology used 

The program described in this thesis possesses the 
following features characteristic of heuristic problem- 
solving programs* 

( i) A corpus of heuristic rules: A number of such 
'rules of thumb' are used by the program^ which provide 

it with judgemental criteria for the task of generating new 
combinations of attributes and relations as possible rule 
candidates , 

( ii) Evaluation functions: In order to enable 
comparison between the relative merits of two or more 
search paths / functions are provided which map rule 
possibilities and attributes into non-negative numbers, 

( iii) Best-first search mechanism: The program 
maintains an agenda of possible paths in the search space 
from which the most promising one is selected and explored 
during each cycle of search* 
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An assumption implicit in the methodology described in 
the later chapters concerns the level of analysis of the 
problon. For example^ a given visual scene will be represen- 
ted in different ways for different purposes. Scene 
segmentation programs will operate on pixel representations 
whereas programs which do problem-solving would use a much 
richer symbolic representation of the scene. The represen- 
tation used here is one of the latter kind, the assumption 
being that the problem of computing symbolic descriptions 
of the scene from the raw image and that of processing 
these symbolic representations to do problem-solving can 
be profitably studied separately, 

1,4 Thesis outline 

The following gives an overview’ of the thesis. 

In chapter 2 we introduce the specific problon 
considered in this thesis, A representation for a 
typical problem is also described. 

Chapter 3 provides motivation for the discussion 
on the methodology used to solve these problems. 

Specifically, the various components of the program are 
described briefly and an example solution of a problem as 
generated by the program is illustrated. 
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A detailed discussion of the methodology used is 
given in chapter 4 along with examples of heuristics and 
details of the search strategy. 

Chapter 5 includes solutions to two more problems 
which illustrate many of the issues discussed in the 
previous chapter. 

The last chapter concludes with a discussion of the 
capabilities and limitations of the methodology used* 

Appendix 1 lists the set of heuristics used by the 
program. A list of sample problans is given in Appendix 2. 
Appendix 3 includes some details regarding the program 
implementartion. Finally Appendix 4, gives an example of 
the application of our methodology to the probloxi of cell 
classification. 



CHAPTER 2 


THE PROBLEM 


The first part of this chapter provides an introduction 
to the specific problem studied in this thesis, illustrated 
by examples. Following some rsnarlcs about the nature and 
scope of the problans considered, the chapter is concluded 
with a description of a model of a typical problem. 

2 .1 Statement of the problem 

This thesis is concerned with the issues involved in 
the design of a program to solve the following kind of 
recognition problem. 

A typical problem is depicted in figure 2 .1 • Each such 
problem is composed of twelve identical rectangular enclosures 
ot boxes, divided into two equal sets or classes of six 
boxes each. Each box contains an arbitrary number of two~ 
dimensional line drawings or figures . The order in which 
the boxes are placed in a class is immaterial. The following 
system of notation is used when referring to any particular 
problem. The class on the left hand side is called class I* 
that on the right hand side class II. In each class the 
boxes are labelled A to P, starting from the top left 
extreme box and proceeding from left to right in each row. 


FIGUilE 
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To solve a problem is equivalent to determining a rule 
or some distinguishing property which is unique to a class 
in the sense that it is true of eveary box belonging to the 
class and false of any box belonging to the other clasS'. :: For 
example: The solution to the problem illustrated in figure 
2*1 consists in determining the rule distinguishing any box 
in class I from that of any box in class 11^ namely ■'In 
every box in class I, the number of 'shaded' 
figures is greater than that of 'outline' figures.' 

Some remarks are in order concerning the nature of the 
problem statement. Firstly the number of boxes in a class 
is just a representative number (i.e. six) and clearly any 
number of boxes can be placed in a class. Secondly in the 
light of the previous chapter^ the boxes in a class can be 
interpreted as constituting 'positive' instances of the rule 
defining the class. Though^ the boxes of class II can be 
interpreted as 'negative' instances of the rule defined by 
class I, an Impoirtant qualification which must be made is 
that in most of the problems considered here, class II also 
defines a precise rule. For example: In the case of the 
problem illustrated in figure 2.1, ‘the rule defining class II 
is that in every box belonging to it the number of 'shaded' 
figures is less than the number of 'outline' figures. Hence 
there is a symmetiry in each problem in the sense that each 
class constitutes! negative examples of the other. 
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The problem in figure 2 .1 is taken from a collection 
of one hundred such problems/ which appeared in a book by 
the Russian scientist M« Bongard [boNGARD 70 ] • They 
have not merited much attention in the literature except 
for a brief analysis in [hofstadTER 79] , The number in 
boldface appearing in the centre of the problem in figure 2*1 
indicates that it is the 27th one in the collection* We 
retain the original n\imbering for reasons of convenience* 
Henceforth we shall refer to these problems as the Bongard 
problons , 

More examples of Bongard problems are illustrated in 
Appendix 2 • 

The computational solution of such problems has an 
^open-ended"' character since a large number of problems can 
be constructed* Indeed in the original collection there is 
a tremendous variation in the complexity of the problems, 
ranging from the almost trivial to some veary subtle ones. 
However this open-endedness can be reduced in the following 
way : 


By adopting a precise representation for individual 
figures and relations between them. This restricts the range 
of problem types to a well-defined set large enough to be 
interesting. 
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The methodology described in this thesis and its 
program implonentation is based on the above represen- 
tation. The claim is that there are very few problems 
in the original collection which are not solvable 
using this representation.- Some justifications of the 
validity of the above claim is made in chapter 6* The 
limitations lie more towards the fact that learning to 
solve new problems by automatically synthesizing new 
heuristics from the existing set is not possible. 

2.2 Modelling of a typical Bongard problem 

We describe a representation for a typical Bongard 
problem in this section. This restricts the class of 
problems to those which can be expressed by the represen- 
tation. We assume the existence of the following: 

( i) A set F of attributes or features chosen 
from a larger set U of 2-D geometry descriptors. The 
elements of F would depend on the particular problem 
at hand. Some examples of features are: (a) shape 

(b) area (c) number«o£-sides (d) axis (e) sketch etc, 

(ii) Associated with each feature f(i) of the set F 
is a set A( i) of aspects or attribute values of the feature^ 
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For example; The set {small, medium/ large} could be one 
such aspect set associated with the feature area* Again 
the choice of aspects associated with a feature is flexible, 

( iii) A set C of connectives using which features 
and aspects can be combined to yield composite features and 
composite aspects. A typical choice for C would be the 
set {and , or} which peimits the disjunction and conjunction 
of features and aspects. 

(iv) A set P'* comprising of composite features*. 

If f(i) and f(j) are two features which are combined 
using the connective cCk), resulting in the composite 
feature f ( i)-c(k)-f ( j) , the aspect set of this composite 
feature is computed as the set 

{ a( i)-c(k)--b( j) where for all i/a(i) s Ad), the aspect 
set of f ( i) and for all j/b(j) s A(j), the aspect set 
associated with f ( j ) } 

where a( i)-c(k)-bC j) denotes the combination of the aspects 
a(i) and b(j) by the connective c(k). For example; 

If f ( i) is the feature area and f ( j ) is the feature 
n\imber-of“ sides, A(i) and A(j) being {small, medium/ 
large} and {3,4}, c(k) being the connective 'and' , then 
the composite feature f ( i)-c( k)-f ( j) is area~and-number-of- 
sides whose aspect set is the union of the aspect sets: 
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{ small-and-3, medium- and- 3/ large-and-3} and the set 
{ small- and- 4/ medium-and-4^ large-and-4} which intuitively 
refers to small, medium and large triangles and quadrilaterals. 

(v) A set Rj^ of numeric relations and set- theoretic 
functions. Typical examples of this set are the relations 
greater- than, equal- to and less-than and the cardinality 
function. 

(vi) A set Rg of spatial relations. These relations 
are typically anti-syimietrlc and transitive. Examples are 
the relations left~of, above-of and inside— of. 

In terms of the above representation components of a 
typical problem i.e. figures, boxes and classes may now be 
interpreted as: 

( i) A figure is represented as a list of feature aspect 
pairs. For example: 

{(figure-type closed), (shape convex), (composed-of 
straight-lines) , 

(sketch outline), (number-of-sides 3), (axis vertical)} 
would refer to a particular type of triangle. 

( ii) A box is a collection of figures and a class is 
fixed collection of boxes (-typically 6) . A problem is 
comprised of two classes, each defining a rule. The 
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representation of these structures is considered in the next 
chapter. 

We are now in a position to make the notion of a rule 
more precise# Let b be a box belonging to class c*. Let 
S(b) be the set of true statements that can be asserted about 
the contents of b.A statement may be regarded as composed of 
symbols from the feature set F, the aspect sets ACi)/ the 
connectives set C, the composite feature set F”', and the 
set and Rg, Typically, statements regarding the contents 

of a box involve quantitative assertions about the number of 
figures possessing some combination of attributes and 
relations. 

Given a class, we can associate with each box in that 
class an assertions set regarding the contents of that box. 

We define a conjecture about a class c to be a statement 
which belongs to the assertions set of each and every box in 
c, i.e. it is true of every box in the class c. Then, given 
a class c we can create and maintain a list of conjectures 
associated with it. Each conjecture is now a possible rule 
candidate. 

A rule may be defined as that conjecture associated 
with a class, say class 1 , which is not true of any box in 
the opposite class. 
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To illustrate the above definitions with an example 
consider probloxi 27 in figure 2 » 1 » The following statements 
can be interpreted as conjectures about the contents of 
class I. 

( i) All figures are closed, 

( ii) All figures are convex, 

(iii) Every box contains a curvilinear figure# 

( iv) Every box contains a shaded curvilinear figure, 

(v) In every box, the number of shaded figures is 
greater than the number of outline figures. 

Of all these conjectures only (v) survives the test 
for being a rale. All the others are true of at least 
one box in class II and hence cannot satisfy the prequisite 
for being a rule. It must be mentioned in passing that the 
rule distinguishing class I from class II and hence the 
solution to a problem may not be unique. So any conjecture 
which satisfies the above test will be a valid solution 
to a particular Bongard problem. 

The rest of this thesis explicates this process of 
conjecture generation and testing which we propose as a 
model for Bongard problem solving. 



CHAPTER 3 


AN APPROACH TO SOLVING BONGARD PROBLEMS 

We digress in this chapter to present a sample 
Bongard problem and its solution as worked out by the 
program* Thus an attempt is made to motivate the 
ensuing discussion on problem solving methodology by 
demonstrating that the theory advocated in the next 
chapter actually works in practice, 

3,1 A sample problem 

Consider problan 28 depicted in figure 3,1* The 
task is to demonstrate how the solution to this problem 
can be arrived at through a well defined computational 
process. 

To this end^ first we give a precise description 
of the representation chosen for this problem, 

(i) The feature set F and associated aspect sets: 
The following features and their associated aspects are 
selected. 
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FEATURE 
F igure-type 
Compos ed-o£ 

Shape 

Sketch 

Number of sides 

Area 

Axis 

( ii) The set of connectives is 


ASPECTS 
(closed, open) 

(straight-lines, curved-lines 
( convex, concave) 

(outline , shaded) 

(3,4,5) 

(small, medium, large) 
(vertical, horizontal) 

the set (and, or). 


( iii) Instead of listing out all the elements of the set of 
composite features f"' we define F'' as 

F'''’ = Cf(k)if(k) = f(i) - c(l) - f(j)} 

where the features f(i) and f(j) are either basic 
features or are themselves composite. 

( iv) We take the numeric relations greater- than, equal-to 
and less-than as well as the set theoretic notions, member, 
cardinality and elements-of as the elements of the set Rj^* 

(v) To simplify matters, we assume that the set of spatial 
relations Rg is enpty. Later we provide examples of 
solutions where this restriction is removed. 
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3.2 The program 

A brief description of the various facets of the 
program will be helpful in understanding the solved 
example. In the next chapter a detailed analysis of 
these program components is given. 

REPRESENTATION OF BOXES AND CLASSES 

To solve a Bongard problem, the program must possess 
knowledge as to what kind of figures are present, how they 
are related and so on. Figures are represented, as 
mentioned earlier, by a list of feature aspect pairs. 

A straightfoirward method is to represent boxes as a list 
of such figure representations and classes as a list of 
such box representations. This schanae is not particularly 
suited for the kind of computations that need to be 
performed during the process of problem solving- 

To answer questions of the form: 

( i) which figures in this box are convex? 

( ii) which boxes contain shaded figures? efficiently, 
clearly an alternative representation scheme is desired. 

Figure 3.2 depicts the representation for a box, 
specifically box A in class I, problem 28* A box is 
represented by a unit called a structure. Each structure 
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Figure' 3 >2 


structure AIP2 8 
AXIS t 

VERTICAL i C,;^1AIF2 8) 

# -OP -SIDES ; 

THREE j (#1AIP2 8 ) 

AREA : 

SMALL 5 (#4AIP2 8 #3AIP2 8 #2AIE2 8 7rlAIE2 8 ) 
SKETCH s 

SHADED 5 (#4AIF2'8 #3AIF2 8 ) 

OUTLINE » (#2AIF2'8 #1AII2 8 ) 

SHAPE t 

CONVEX : (#4AIE2 8 #3AIP2 8 #2AIE2 8 #1AIP2 8 ) 
COMPOSED-OP s 

CURVED-LINES j 4AIP2 8 #3AII2 8 if 2 AIP2 8 } 

ST-LINES i (#1AIF2 8) 

MEMBER 1 IP2 8 
PIG-TYPE 5_ 

CLOSED t (#4AIP2 8 #3AIP2 8 #2AIP2 8 #1AIP2 8) 
ELEMENTS : (#1AIF2 8 #2AIP2 8 #3AIP2 8 if 4AIP2 8 ) 

ISA : BOX 


Note: AIP28 refers to box A, class I in problem 28 
#1AIP28 refers to figure 1 in the above box 
IP28 refers to class I, problem 28, 
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is a collection of slots, A slot may represent many 
things. In the simplest casey a slot represents a 
feature/ and the contents or value of the slot is an 
aspect associated with it. So a figure can be represented 
as a structure/ whose slots are features and slot values 
are aspects associated with the features, 

A slot itself may comprise of a collection of 
sub-slots. Such a slot has the following structure 

Slot - 1 ! 

slot-1 -1 s (contents of slot-1-1) 
slot-1 -2 : (contents of slot-1-2) 

* 

slot-l-n s (contents of slot-1 -n) 

Each sub-slot has the same structure as a slot. Consider, 
as an example, the slot representing the feature compos ed-of 
in figure 3,2 • The composed-of slot is a collection of 
two sub-slots namely curved-lines and straight-lines. 

Each sub-slot in this case has just a value, which is the 
set of figures in the box which are composed of curved- 
lines and straight-lines respectively. 

The structure for box A makes explicit the following 
information about the contents of A, 
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(i) A contains four figures* 

(ii) A belongs to class I. 

( iii) A contains small figures. 

Civ) A contains shaded figures. 

Figure 3,3 depicts a portion of the representation 
for a class as a structure^ specifically class I in 
problem 28* One added level of complexity here is that 
each sub— slot is itself a slot in the sense of being 
composed of other sub-slots. 

Consider as an example, the slot representing the 
feature sketch. The slot for sketch has two sub-slots, 
one representing the aspect shaded and the other 
representing the aspect outline. The sub— slot for outline 
is composed of six ternary slots, each of which represents 
a box in class I. These ternary slots have as their slot 
contents, the set of figures which are outline in the box 
represented by that slot. 

One rotational point to be made here is that if all 
the figures in a box possess the same aspect of a feature , 
the ternary slot in the class structure representing the 
box has the slot value T. Thus in figure 3.3 since all 
figures in box F, class I, are small, the ternary slot 
representing box F in the area slot has T as its slot 


value 
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structure 112 8 
AXIS : 

VERTICAL : ' „ s 

EIF2 8 ; (#6EIF2 8 7f4EIE2 8 7flEIF2 8) 

DIE2 8 s (#6DIF2 8 # BLIPQ 8 # 2DIP2 8) 

BIE2 8 : (,f6BIE2 8 # 2 BIE2 8 ) 

AIE2 8 : (7-'^1AIP2 8) 

# -OP -SIDES 1 

THREE ; 

EIF2 8 s 
DIF2 8 s 
BIE2 8 j 
AIE2 8 f 

AREA t 

small : 

FIE2 8 s T 
EIE2 8 « T 
DIP2 8 t T 
CIF2 8 t T 
BIP2 8 s T 
AIE2 8 s T 

SKETCH t 

OUTLINE J 

FIE2 8 : (#4FIP2 8 7flFIE2 8) 

EIE2 8 5 6EIF2 8 # 2 EIE2 8 ) 

DIE2 8 : (# 6DIP2 8 # 5DIF2 8 #4DIE2 8 ir2 DIE2 8 ) 
GIP2 8 : (#5'CIF2 8 7f 2CIE2S) 

BIF2 8 » (#6BIE2 8 # IBIIS 8 ) 

AIF2 8 i (#2 AIP2 8 # 1AIE2 8 ) 

SHADED s 
FIE2 8 
EIF2 8 
DIE2 8 
CIE2 8 
BIF2 8 
AIF2 8 

SHAPE I 

CONVEX J 

Firs 8 : T 
EIF2 8 t T 
DIES 8 * T 
CII2 8 » T 
BII2 8 < T 
AIP2 8 * T 

-T ^ 


• (#5PIF2 8 #3PIE2 8 7-'/2FIF2 8 ) 

j (if 5EIF2 8 # 4EIE2 8 4 3 EIE2 8 #1EIF2 8 ) 
s 6 v^3DIF2 8 #1DIE2 8) 

t (# 6CIES 8 # 4CI]ES 8 #3 CIP2 8 ,f 1CIE2 8 ) 

• C-'/5BIF2 8 #4BirS8 #3BIP2 8 #2BIP2 8) 

: (#4AIF2 8 7-'/ 3AIIS 8 ) 


(7f6EIP2 8 7r4EIF2 8 7flEIE2 8) 
Gf 6DIF2 8 # 5DIE2 8 7^2 DIES 8 ) 
^ 6BIE2 8 7^ 2 BIE2 8 ) 

(7f 1AIE2 8) 
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The class I stiructux'e ireveals the following information 
with minimum computation. 

(i) Box C contains no straight-line figure, hence in 
class I every box does not contain straight-line figures* 

(ii) Class I contains only small figures and so on. 

Frequently the contents of a particular slot represent 
examples of an aspect of some feature. As we shall see 
shortly this is of central importance to the process of 
rule generation since most of the ccmputation done by the 
program concerns the inspection of slot contents of boxes 
and classes and making appropriate conjectures on the basis 
of detected patterns* 

The knowledge representation scheme outlined above 
was one of a declarative type, in the sense that the stored 
facts could be inspected, added to or modified. 

In the first chapter, it was noted that heuristics 
were most often stored as procedures, in our case executable 
chunks of LISP code. We now turn to a description of 
this procedural type of knowledge representation, after 
outlining the search strategy used by the program. 
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3 *.3 The control structure 

The process by vrhich the program generates the rule 
solving a Bongard problan is primarily one of best-first 
search guided by relevant heuristic rules. Consider the 
two class structures^ and their associated slots* Given 
a particular problem, the slots of the class structure are 
fixed by the set of features, aspects and relations chosen 
for the problemi The set of possible slot contents under 
this representation defines a space. By undertalcing a 
best— first search of this space, the program discovers the 
rule essentially by examining the contents of slots 
representing the aspect distribution of features over the 
boxes of a class, creating new class slots for storing 
composite features and their examples and so on* 

The best-first search strategy is implemented in the 
program as an agenda control structure. That is, at any 
given moment during the problem solving process, a list of 
plausible tasks is maintained by the program representing 
promising paths in the search space to finding the rule* 
The essential computation performed by the program is to 
repeatedly select one task from the agenda and execute it* 
A task may check a feature for the purpose of determining 
patteiais involving its examples, suggest combining two or 
more features into a composite feature or add more tasks 


to the agenda* 
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A task on the agenda typically looks like the followingi 
* * Check the conj ecture ~ Every box in class I contains a 
cuvilinear figure in problem 2 8" . The selection of the 
most promising task from the agenda is facilitated by 
assigning to each task on the agenda a numeric rating. 

The task selected is the one with the highest worth. The 
details of the process by which tasks are rated is given 
in the next chapter. For the present it is sufficient to 
remember that the numeric rating of a task depends on the 
nature of the task, i.e. whether the task is a conjecture 
to be verified or a check of some sort and it depends on 
the rating of the features which appear as arguments to the 
task. Features are rated by a certain evaluation function 
which gives an approximate idea of its relevance to the rule 
at hand. The exact functions are given in the next chapter. 

This agenda mechanism of best-first search is similar 
to that used in the AM program of Lenat [ LEIiAT 75 ] * The 
only difference is that our program is goal-directed , 

While AM which is dedicated to the task of defining new 
interesting concepts from old ones, has no e>g)licit goals 


to reach. 
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3 .4 Heuristic rules 

We have not yet indicated now tasks are going to be 
Carried out and how class structures are e3g>anded by adding 
more slots representing composite features, A task is 
usually represented as a executable chiink of LISP code and 
to carry out a task is to run this code chunk# 

In our case, tasks are usually a series of LISP functions 
which are executed sequentially. The knowledge that is 
needed to recognise simple patterns or regularities in 
feature examples or even random occurences is encoded aS a 
set of heuristic rules. 

Carrying out particular tasks may require that knowledge 
needed for this purpose be somehow stored and retrieved 
while executing it. Knowledge particular to a task_is 
represented as heuristics relevant to it in some way. That 
is, either the heuristics are encoded into the task rigidly 
or more flexibly a link is placed between a task and that 
heuristic which ensures that the heuristic will be accessed 
and used while carrying out the task. 

In the above sense, heuristics are procedural represen- 
tations of particular problem solving knowledge, which in 
our program is an executable piece of LISP code. 
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To illustrate: the above ideas with an example# consider 
the following task* "Specialise the aspect straight-lines 
of the feature composed-of in class I* * 

By specialising an aspect of a feature is meant 
creating a new composite aspect consisting of the conjunction 
of this aspect with another aspect (of another feature). 

For eg» The composite aspect straight-lines -and-shaded is 
a specialisation of the aspects straight-lines and shaded 
of the features composed-of and sketch respectively. Here 
since straight-line figures may be outline or shaded 
drawings# the aspect straight-lines -and-shaded is a specia~ 
lisation of the aspect straight-lines 

One heuristic relevant to the above task is given belowi 

For aspect a(l) of feature f (l) and aspect aC2 ) of feature f (2 }, 
IF (i) intersection of the aspects a(l) and a(2 ) is non— null 

(ii) all examples of a(l) are not examples of a(2 ) 

(iii) all examples of a(2 ) are not__ examples of a(l) 

(iv) worth (f(l3) /worth (f(2)) < 4.0 
THEN 

a(l )-and-a (2 ) is an interesting aspect composition# so 
add the following task to the agenda: Fill-in examples of 
a ( 1 )-and-a (2 ) whose worth is computed as average (worth (f(l))/ 
worth (f (2 } ) ), 
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If for example# in a particular Bongard problem# the 
only straight ~line figures arc triangles then the composite 
aspect three-sided -and-straight— lines will not be formed 
as it does not satisfy condition (ii) and (iii) of the IF 
part of tho above heuristic. 

3*5 The solution to the problem 

We conclude this brief description of the program 
components and now turn to the example solution. This 
consists of a trace of the program execution showing the 
chronological order in which tasks were suggested and 
carried out. This will illustrate-' some of the points' 
discussed above. 

Some explanation is due before presenting the actual 
example. The trace consists of a description of tho tasks 
which were selected and the sequence in which they, were 
carried out. An illustration of tho problem (i,e, 28) has 
already been given in figure 3.1. The representation .of 
boxes and classes as structures has been described 

earlier. 

Each cycle signifies the selection and execution of a 
task from the agenda. The task description indicates the 
nature of computation performed by it. After the trace an 
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analysis of the solution is presented, where the stages of 
progress towards the rule are Identified. 

Chapter 5 provides two more examples of Solutions 
generated by the program, which will further illustrate 
the methodology used to solve these problems* 

AS shown in the trace, when a tash has been selected 
a description of it is printed out to the user, 
descriptions are opaque pieces of English text. 


These. 
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SOLUTION TRACE OF PROBLEM 28 


CYCLE # O 
1 TASK(S) ON AGENEiA 

Initialising the list (FIGURE-TYPE COMPOSED-OF SHAPE SKETCH 
area NUMBER-OF -SIDES JOCES ) of individual features for 
investigation in class IP2 8 


CYCLE # 1 

1 TASK(S ) ON AGENDA 

Investigating the feature FIGURE-TYPE for patterns in its 
examples in class IF2 8 


CYCLE # 2 

2^ TASK(S ) ON AGENDA 

Conjectiire : Every figure in class IP2 8 is CLOSED 
.»• testing the conjecture on the boxes of class IIE28 
GonjectTore is an invalid rule candidate for class IE2 8 
since it is true of the boxes (FIIP2 8 EIIP2 8 DIIP2 8 CIIP2 8 
BIIP2 8 AIIE2 8} in class IIE2 8 

this feature is being eliminated from the list of features- 
relevant to the rule 


CYCLE § S- 
I TASk(S) ON AGENDA 

Investigating the feature SHAPE for patterns in its examples 
in class IF2'8 



CYCLE # 4 

2' task(s) on /agenda 

Conj ecture- t Every figure in class IP2 8 is CONVEX 
...testing the conjecture on the boxes of class’ IIE2 8 
conjecture is an invalid rule candidate for class IE28 
since it is true of the boxes (FIIP2 8 EIIE2 8 DIIP2 8 CIIP28 
BIIP2 8 AIIE2 8) in class IIE28 

this feature is being eliminated from the list of feat'ures 
relevant to the rule 


CYCLE # S' 

1 TASKCS ) ON AGENDA 

Investigating the feature AREA for patterns in its examples 
in class 

CYCLE # 6 

21 TASKCS ) ON AGENDA 

Conjecture s Every figure in class IP2 8 is SMALL 
...testing the conjecture on the boxes of class IIF2 8 
conj ecture is an invalid rule candidate for class IP2 8 
since it is true of the boxes CEIIP2 8 EIIE2 8 DIIE2 8 CIIE2 8 
BIIP218 Aims) in class. imS 

this feature is being eliminated from the list of featxireffi 


relevant to the rule 
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CYCLE # 7 

1 TASK(S ) ON AGENDA 

Investigating the feature COMPOS ED -OF for patterns in its 
examples in class IP2 8 


CYCLE # 8 

2 TASK(S ) ON AGENDA 

Conjecture » There' is a CURVILINEJiH figure in every box 
in class IE2 8 

Testing it on the boxes of class- IIP2 8 

...conjecture is an invalid rule candidate for class IP28 
since it is true of boxes' EIIE2 8 DIIP2 8 CIIE2 8 BIIP2 8 

AIIF2 8} in class IIF2 8 


CYCLE # 9 

2' TASK(S ) ON AGENDA 

Specialise the aspect CURVILINEiAR of the featxire COMPOSED-OP 
in class IE2 8 


CYCLE # 10 

4 TASKCS ) ON AGENDA 

Filling in examples of the intersection of CURVILINEAR figures' 
and OUTLINE figures in class IF2 8 
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CYCLE # 11 

4 TASKCS ) ON AGENEA 

Filling in examples of the intersection of CURVILINEAR 
figures and SHADED figures in class IF2 8 

CYCLE f 12 

Y. taskCs) on agenda 

Investigating the feature SKETCH for patterns in itsB 
examples in class IP2 8 


CYCLE # 13 

S' TASK(S) ON AGENDA 

Conjectxire s There is a OUTLINE figure in every box in class IE 
Testing it on the boxes of class"IIF2 8 

. » . con j ectxire is an invalid rule candidate for class IP2 8 
since-it is true of boxes (FIIP28 EIIE2 8 DIIP2B CIIF28 
BIIE2B AIIE2 8) in class IIF2 8 


CYCLE # 14' 

S' taskCs ) on agenda 

Conjecture s There is a SHADED figure in every box in class US'! 
Testing it on the boxes of class IIF28 

...conjecture is an invalid rule candidate for class IF2 8 
since it is true of boxes (FIIP2 8 EIIE2 8 DIIP28 CIIE2 8 
BIIE2 8 AIIE2 8) in class III2 8 
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CYCliE # IB- 
S' TASK(S ) ON AGENEA 

Specialise the aspect OUTLINE of the f eatiire- SKETCH in class IK 


CYCLE # 16 

6 TASK(S ) ON AGENDA 

Specialise the aspect SHADED of the feature SKETCH in class IP21 


CYCLE # 17 

7 TASKCS ) ON AGENDA 

Pilling in examples of the intersection of OUTLINE figures and 
STRAIGHT-LINE figures in class IP28 

CYCLE # 18 

7 TASK(S) ON AGENDA 

Filling in examples of the intersection of SHADED figures and 
STRAIGHT-LINE figures- in class IP2 8 


CYCLE # 19 

6 TASKCS ) ON AGENDA 

Checking the feature COMPOSED— OF-AITD— SKETCH for patterns 
involving its examples in class IP2'8 



CYCLE # 20 

8 izvskCs} on agenda 

Conjecture i Theres is a CURVILINEAR -AND -SH?UDED figure in 
every box in class IP2 8 
Testing it on the boxes of class IIP2 8 

... conj ecture is an invalid rule candidate for class IP2 8 
since it is true of boxes (PIIE2 8 EIIP2 8 DIIE2 8 CIIE2 8 
BlirSS AIIE2 8) in class UK 8 


CYCLE # 21 

8 TASKCS ) ON AGENDA 

Conjecture t There is a CURVILINa\R-/i.ND-OUTLINE figure in 
every box in class IK 8 
Testing it on the boxes of class IIE2 8 

...conjecture is an invalid rule candidate for class IK'S 
since it is true of boxes (FIIK8 EIIK8 DIIK 8 CIIK8 
BIIK8 AIIK8) in class IIK 8 


CYCLE # 22: 

8 TTiSKCS) ON AGENDA 

Conjecture x In every box in class IKS examples of 
CURVILINEAR-r^D-SHTiDED figures are GREATER-THAN 
examples of CURVILINEAR-AND-OUTLINE figures 

Testing it on the boxes in class IIK 8 

Conjecture is a valid rule candidate for class IK18 !!! 

TASK ; STT.TE-RULE (IK8 COMPOSED-OF-AND-SKETCH 

CURyiLINETvR-AND-SHADED GREATER-THAN CURVILINEAR-/iND-OUTLINE )) 

RULE s CLASS IKS FEATURE COMPOS ED-OP-AND-SKETCH HAS-VALITE 

(CURVILINEJ'iR-AND-SH\DED GREATER-THAN CURVILINEAR-AND-OUTLINE). 
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3.7 ANALYSIS OF THE SOLUTION TO PROBLEM 2 8 

A Study of the solution to problem 2 8 as generated by 
the program is undertaken herei The various stages of the 
problem-solving process are identified as groups of tasks 
accomplishing particular objectives’. 

STAGE 1 5 Cycles- 0-5 

Three of the basic features were- analysed in this stages 
Three conjectures, identical in form, were -^proposed as rule 
candidates all of which turned out to be invalid. Then the 
three features' were eliminated from fxurther consideration 
as their irrelevance to the rule becomes firmly established. 

STAGE 2 1 Cycles 7-11 

The feature composed-of was investigated next by studying 
its- examples in clasa='. I, Definite progress towards the 
solution is made for the first time as the aspect 'curvilinear' 
of the featiire composed-of is specialised after the latter 
generates an invalid conjecture. Examples of curvilinear 
shaded figtires and curvilinear outline figures are filled 
in as slot contents of the slot representing the newly 
created composite^ feature composed— of— and— sketch in the 
class; I stiuctxiref 
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SmCE 3 5 Cycles 12-18 

The feature sketch was studied at this stage/ which 
generated another invalid conjecture. Then the program 
temporarily veers off and fills in examples of shaded 
straight-line figures and outline st3raight— line figures. 
This endeavour is useless as the solution to the problem 
demonstrates. However since the examples of the above two 
composite aspects occur randomly in clasff I, they are 
ignored henceforth; 

ST/.GE- 3 I Cycles- 19-22 

The crucial cycle is the 19th one where the feature 
compos ed-of-and-sketch was investigated for patterns 
involving its e 3 < 3 mples in class I; Three conjectures were 
proposed/ two of which turn out to be invalid. Finally/ 
the third onen yields the desired rule differentiating 
class I from II. 



CHAPTER 4 


A METHODOLOGY FOR SOLVING BONGARD PROBLEMS 

In this chapter a methodology for solving Bongard 
problons is presented* The various facets of the program 
namely heuristics, evaluation fiinctions and the agenda 
control structxare are described in more detail, along with 
techniques to represent relations and discover rules 
involving them; In the next chapter some examples of 
Bongard problems solved by such an approach are presented; 

W 

First the basic theory is presented in three stages'; 
Initially we assme that a rule must involve- individual 
features. The next section extends this simple case to 
rules involving combinations of two or more features*. 
Finally we consider the case^when spatial relations are 
allowed as rule constituents. 

Next, the need for evaluation functions is discussed 
along with the functions themselves. Finally some details 
are included about the agenda mechanism that were briefly 
mentioned in the previous chapter, 

4*1 Aspect distribution of features 

A featxire can be regarded as a basic ingredient of a 
rule since the latter is ccatiposed of various combinations 
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of the former. Then, it is of crucial importance to develop 
some method whereby the relevance of a feature to a rule cain 
be ascertained by some simple computation. 

One parameter which is useful in this regard is the 
distribution of aspects of a feature over the boxes of a 
class. By this we mean the following* (i) How many aspects 
of the feature actually occur in a class ? 

(ii) In what way does the feature occxir in the figures of 
a box? 

This information is important since on this basis 
assertions can be made about box and class contents which 
lead to conjectures- about classes and finally the rule; 
itself. 

Specifically the following categories of feature 
occurences suggest themselves^, 

(i) Features can assime one or more aspects over the 
boxes in a class. For examplej A _ class may contain straight- 
line figures and curvilinear- ones. In this case the feature 
composed-of has the above two aspects in this class, 

(ii) Features can occur in some or all the boxes in a 
class. This implies that it is possible that no figure in a 
certain box is describable by a feature. For examples If a 
box contains only curvilinear figxires_ , the feattare ntrriber- 
of -sides will be absent from this boxi 
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(iii) Features can occxir in some or all the figures 
in a box. That is, in a box in which a feature occurs, 
it may be used to describe some or all the figures in 
that box. 

The above general considerations can be used to 
formulate the following heuristic rules for investigating 
the occurences of aspects of any feature, 

HEURISTIC 1 i 

For a featxare f, 

IF number of aspects of f = 1 

and f occurs in every box b belonging to class c 
and every figure belonging to b is describable by f 
THEN add the following task to the agenda ~ 

‘'Conjecture* Every figure in c has aspect a of feature f 
whose worth is computed as 2 x wo-fcth ,(f). 

This straightforward hexiristic is useful in two ways. 

First if the conjecture added to the agenda turns out to be 
a valid rule candidate, the problem is solved- More 
frequently this heioristic is useful in eliminating featxares, 
in some sense trivial, from further consideration thus 
pruning the search space considerably. For examples In 
problem 4 (see appendix 2 )the suggested conjecture directly 
yields the rule. In contrast, consider problem 28 (figure 3,1). 
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The feature area satisfies the IF part of this heuristic 
and so the conjecture 'All figures in class I, problem 2 '’ 8 , 
are small in area' is added to the agenda. VJhen this 
task is picked up and executed, since class II also contains 
small figures this conjectiire is an invalid rule candidate. 
Hence the feature area is clearly not relevant to the rule 
being sought and is eliminated. This process of feature 
elimination is useful in containing the combinatorial 
explosion that will result when a large number of features 
are needed to describe pattern samples. How this process 
of feat'ure elimination is actually implemented will be 
explained in a later section. The worth or rating of the 
conjecture being added to the agenda is calculated as twice 
the worth of the feature. This is done to give the 
conjecture a high priority. 

A straightforward generalisation of the above heuristic 
yields s 

HEURISTIC 2 : 

For any aspect a of feature f in class c 
IF f does not satisfy heuristic 1 
and aspect a occurs in every box in c- 
THEN add the following task to the agenda ~ 

'Conjecturei Every box b in class c has a figxire 
described by aspect a of feature f' 
whose worth is computed as worth (f). 
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Since any f satisfying hetoristic 1 automatically 
satisfies the second clause of the IP statement/ we checlc 
explicitly for this. The above heuristic is useful in 
the same way as the first one is.Por example: consider problem 2n 
depicted in figure 3«1. Every box in class I contains a 
curvilinear figure and the above heuristic ^ triggers^ . But 
the resulting conjectxire is invalid as a rule for class- I 
since the same is true for class' II also. Obviously the 
feature composed-of cannot be eliminated from further 
consideration because of this single reason. A more praident 
strategy is to label the aspect curved-lines of the feature 
composed-of as a candidate for feature combination heuristics 
to work on. This is done and as it turns out from the 
solution to problem 28, the combinations of the aspect 
curved-lines, namely curved-lines -and -outline and curved- 
lines -and-shaded, of the featvire composed-of does yield the 
rule. 


More frequently than not features will have multiple 
aspects in a class. This is certainly true for any fairly 
recondite mle differentiating class' I from class II. One 
simple strategy is to rxon the above heuristic on each aspect 
of the feature. That is 

For any feature f 

IP number of aspects of f is > 1 

THEN for each aspect a of f, execute 


heuristic 2 
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This mini-heuristic turns out to be quite useful. 

Again consider the example of problem 2 8* The feature 
sketch has two aspects shaded and outline in class I- 
Hence heuristic 2 is run on both the aspects shaded and 
outline. Both computations yield conjectures which are 
invalid as rule candidates. Thus both the aspects are 
investigated by feature combination heuristics. This 
strategy again pays off# as is evident from the solution 
to problem 2 8. 

A more interesting way to tackle features having 
multiple aspects is to discover numeric relations between 
the examples of the various aspects of the feature in each 
box. Specifically, 

Por any feature f 

IP f has multiple aspects in class c 
THEN for any aspect pair < a(l), a(2 ) > 
belonging to the featxare f, 
if in every box in c, the examples of a(l) are relate 
to the examples of aC2 ) by the numeric 
relation R, then suggest the 
following conjectures* 'In all boxes of 
class c, a(l) R a(2 ).' 

This heuristic is useful in problems 27 (see appendix 2 ) 
and 2 8. Unfortunately the above he\iristic is not very 
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useful in the case when the conjecture suggested by it fails’ 
as rule candidate. In this sense its use is somewhat more 
limited than the previous hexiristics. 

Consider the case v/hen the feature f occurs more 
randomly in class c. Specifically, when f does not occur 
in all the boxes of c, can f be ignored? No (see problem 13 
in appendix 2 for a cotinter example), since it may turn 
out that some combination of f with another feature f' 
could possibly result in a more interesting composite 
feature. In the next section we shall describe a heuristic 
which looks for this sort of 'random' character in a featiore. 

Before concluding this section the following clarifica- 
tions must be pointed out. 

(i) This list of hetiristics is only a sample of the 
set of possible ones. Many more are used by the program 
to investigate individual features. To take one example, 
consider the following heuristic; 

For any feature f 

IF f has multiple aspects in c 

and f has a single aspect a over every box in c 
THEN suggest the following conj’ecturet 'The feature f 
is single valued over the boxes of c.' 

This heuristic is useful in problems 22 and 56 (see 
appendix 2 ) . 
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(ii) The above heuristics have not been written with 
Specific problons in mind, as it might appear from the 
examples we have illustrated. Each heuristic is useful in 

a variety of problems and also in a variety of ways. For exam- 
plesHeuristic 1 is useful in problems 2, 3, 4, 5,6 and 23. 
Heuristic 2 is useful in problems 2 1, 2 4, 2 5 and 2 6 etc, 

(iii) The featiore investigated by these heuristics may 
be a basic feature or it might be a composite,- one formed 
from tv70 or more basic ones. For examples The heuristic 
which determines numerical relationships between the aspects 
of a feature was successful in problem 27 on sTcetch which 

is a basic feature but the same heuristic worked in problem 
2 8 on sketch-and -composed -of to discover the rule which 
is a composite feat-ore. The implication of this is that 
these strategies are not 'once' useful types but every time 
a new feat-ure is created out of the existing feat-ures, these 
heuristics are used to investigate them- 

(iv) Finally, it is not necessary that these heuristics 
are useful only when they suggest conjectures which turn out 
to be -valid rules. More frequently when a conjecture which 
is suggested by one of these heuristics fails, some valuable 
information has been obtained about the behavio-ur of the 
feature occurence over the class. To give two examples 


of this 
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(a ) When the feature is discovered to be irrelevant to 
the rule, as outlined earlier feature elimination processes^ 
are activated which result in a pruning of the search space. 

(b) Features which do not by themselves yield the rule 
are sometimes passed over to feature combination heuristics 
for study. Problems 13 and 2 8, to take but two examples, 
provide graphic illustrations of the importance of such a 
strategy. 

4.2 Combinations of features 

In the previous section some heioristics were described 
for investigating patterns involving the aspect examples' of 
individual featxires_; It was emphasized that cases- in which 
conjectures suggested by those hetiristics turned out to be 
invalid rule candidates' are impoirtant for' the purpose of 
guiding finrther search. 

Here we illustrate the above claim by describing 
heuristics which form combinations of two or more features, 
usually by intersections and unions of the set of examples 
of the features being combined. In a sense, this section is 
concerned with the second pass of the feattire investigation 
process. In the first pass, study of the basic features 
usually results in either the solution to the problem or in 
the elimination of some basic features from further 
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consideration,. The second stage involves executing tasks 
dedicated to forming new feature combinations and their 
study. The process is then repeated by adding the list of 
newly created feattires to the existing list of relevant 
features to the solution of the problem at hand. 

To take an example, assxime the task ' Conj ecture t Eveiry 
box in class I contains a ctorvilinear figure' has been 
selected from the agenda. The conjecture is checked by 
determining whether class II also shares this property. 

If it does, then this conjecture is obviously an invalid 
rule Candidate, This causes a nev7 task to be added to the 
agenda which searches for interesting combinations of features 
involving the feature composed— of and it's aspect curved- 
lines. A heuristic useful to the above task is given below. 

For checking the conject-ure that every box in class c 
has aspect a of feature f, 

IF a does not occur in any box in the class - c 
THEN state the following rules Every box in class’ c 
has aspect a of f eaturer f . 

OTHERWISE add the following task to the agendas 
Specialise aspect a of feature f in class c, 
whose worth is computed as worth (f). 

Here if class c is I then -c is the class II. 
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By specialising the aspect a of featiire f is meant 
selecting some other featxire f' and foming the composite 
feature f— and-f' whose aspect set is computed as defined in 
the second chapter; Not all the aspect combinations are 
computed; Specifically, only those are created which satisfy 
some requirements; One heuristic useful in deteacnining 
whether an aspect conjunction is a useful one is the 
follov^ingi 

For any aspect a(l) of feattxre f(l) 

and aspect a(2 ) of feature f (2 ), in class c 

IF (i) f(l) and f (2 ) have non— zero worths 

(ii) worth (f(l))/worth (f(2))< 3 

(iii) the intersection of examples of a(l) and 
a(2 ) is non-null 

(iv) all examples of a(l) are not examples of a(2 ) 

(v) all examples of aC2 ) are not examples of a(l) 

THEN add the following task to the agenda: 

Fill-in intersection of the aspects a(l) and a(2 ) 

of the features f (l) and f (2 ) respectively in class c 
whose worth is computed as averages (worth (ff(l))i 
worth (f(2)})* 

A fill-in task causes a new attribute/slot to be added 
to the class struct^lre. In the above case, examples' of the 
composite aspect a(l)— and— a(2 ) will be stored under the slot 
f(l)~and-f (2 ). 
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As an example of the use of the above heuristic^ 
consider the example of piroblem 28. Suppose the following 
task has been selected from the agenda: Specialise the 
aspect cujTved-lines of the feature composed-of in class I. 
Executing the above task Implies that the feature compos ed~of 
is combined with each one of the existing set of features 
and the pair is studied by the above heuristic. The 
precise manner in which this iterative process is incorporated 
into the agenda scheme is the topic of the final section of 
this chapter. For the above example execution of this 
heuristic yields in the following task being added to the 
agenda^ among others. 

'Fill-in examples of the intersection of 
curvilinear figures and outline figures 
in class I' . 

Let us examine the reasons for this choice: 

(a) worth (composed-of) = 30 which is ^ O, Similarly, 
worth (sketch) = 30 > 0, Hence condition ( i) of the 
above heuristic is satisfied, (b) worth( composed— of )/ 
worth (sketch) = 1 < 3 so (ii) is satisfied, (c) Since 
examples of outline curvilinear figures can be found in 
class I ( iii) is satisfied, (d) Finally, (iv) and (v) 
are satisfied since there exist curvilinear figures which 
are not outline and outline figures which are not curvilinear. 
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We now turn to another important method for combining 
features/ namely by foature generalisation. In the previous 
section on single feature analysis, we remarked that 
frequently features having random occurence, in the sense 
of not being present in all boxes in a class, are found. 

We examine one way to discover patterns involving examples 
of such features. 

Consider the following heuristic : 

. For any feature f in class c, 

IF f does not occur in every box in c, 

THEN add the following task to the agendas 
Form compositions of features involving aspect a 
of feature f in c 

whose worth is computed as worth ( f ) » 


One way to form composite features is by conjunction as 
we illustrated earlier. Another way is to form disjunctions 
of two or more features. The heuristic for this is parallel 
to the one for forming conjunctions except that in this case 
unions of aspect examples are formed and not intersections* 


To see an example of where this heuristic may be 
useful, consider problem 13 in appendix 2. The feature 
nximber- of- sides and its aspect 'four' satisfy the above 
heuristic and in the search for generalisations of the 
feature number— of— sides, the following task is suggested* 


fj?" 
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Fill-in examples of tlie union of four-sided figures 

and curvilinear figures in class I, 

The resulting aspect which is four— or— curvilinear of 
the feature mimber-of-sides- 02 >*composed-of occurs in all the 
boxes and hence here we have a case where a feature having 
random x>ccurences in a class forms an interesting combination. 
However/ even this composite feature does not yield the rule 
and as is clear from problem 13 a combination of the basic 
features nximber-of- sides/ axis and composed— of finally yields 
the rule. The conplete trace of the solution to this problem 
is given in the next chapter. 

We conclude this section on feature combinations by 
summarising the salient points discussed so far: 

( i) Two important methods for combining features are 
by specialisation and generalisation, 

I 

(ii) These techniques can be used to form combinations 
of two or more features. The features being combined may be 
basic features or composite ones, 

(iii) The combination of two or more features has 
again the same structure as that of a basic feature. Hence 
the heuristics for investigating individual features can be 
used to study these composite ones also. 
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4.3 Representing relations and discovering rules 

involving them 

So far/ we have not considered how spatial relations 
between figures in a box could be represented and what kind 
of knowledge is needed to discover rules involving than. 

Here we describe an extension to the basic methodology 
expounded in the previous two sections by including spatial 
relations in the repertoire of rule constituents. 

Relations between figures in a box are represented 
using the slot/contents technique used to represent features 
and their associated aspects. Specifically/ all facts 
concerning the spatial relationships of figures in a box is 
recorded by appropriate slots and their contents in the 
structure representing the box. A typical representation of 
this information is depicted in figure 4.1. For exampllei The 
attribute left-of of the slot spatial- relations lists pairs 
of figures belonging to box A such that the first figure of 
the pair is left-of the second figure. 

One important difference between features and relations 
concerns the suitability of the initial representation 
towards discovering patterns corresponding to conjectures 
about class contents. For the case of features the initial 
representation of features as slots and aspects as attributes 
v/as sufficient to compute rules involving thorn. By contrast 
the above method for representing relations is not directly 
suitable for the purpose of computing rules involving them. 
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For example, consider problem 37 (see appendix 2)* 

Here in each box of a class, spatial information is recorded 
in the form, figure x is related to figure y by a 
relation R. Using this information one cannot directly 
deduce that, to take an example, in boxes A and F in 
class I a four sided figure is left of a curvilinear 
figure. Since spatial information is stored as relations 
between figures represented by names, first the relevant 
properties of the figures must be retrieved before any box 
independent statement can be asserted about the spatial 
relation. 

This representation problem is solved in the following 
manner. Under the spatial- relation slot in each box is 
stored information concerning the spatial distribution of 
figures in the box, as outlined earlier. However, in the 
class structure this spatial information is represented in 
a different manner. 

Consider the example of class I, problem 37, In the 
class I structure facts conceiming the spatial distribution 
of features is stored as shown in figure 4,2, where only the 
relevant slots have been depicted. The meaning of the 
aspect 3— left— of— composed— of of the slot ^ — of— sides-»left— 
of-composed-of is that it represents all figure pairs such 
that the first figure has three sides and the second figure 
is a curvilinear figure. 


It -is clear that this kind of 



FIGURE 4.1 


Structure AIP37 
#-OF-SIDES ; 

4 : ( '/'/- 3 AIP 37) 

3 ! ( 7 /' 1 AIP 37) 

AREA i 

SMALL ! ( 7 / 3AIP37 # 2AIP37 y,-'lAIP37) 

SKETCH : 

OUTLINE : (7;-3AIP37 H 2hT931 #1AIP37) 

SHAPE s 

CONVEX s (V3AIP37 # 2AIP37 #1AIP37) 

COMPOS ED-OF ; 

CURVED-LINES : ( # 2AIP37) 

S-TRAIGHT-LINES : ( vr -3AIP37 ir iAIP37 ) 

MEMBER J IP37 
FIG- TYPE : 

CLOSED : ( # 3AIP37 # 2AIP37 #1 AIP 37) 

ELEMENTS : ( # 1AIP37 .# 2AIP37 # 3AIP37 ) 

SPATIAL-RELATIONS t 

ABOVE-OF : ( ( # 1AIP37 #2AIP37) ( # 1AIP37 #3AIP37) 

( # 2AIP37 3AIP37) ) 

LEFT-OF ; ( ( 7 -^ 1AIPP37 #2AIP37) (#3AIP37 #2AIP37) ) 


ISA s SET 



55 


Figure 4*2 


Structure IP 37 

^ -OF-SIDES-LEPT-OP-COMPOSED-OF : 

3- LEFT-OF-CURVED-LINES : 

AIP37 ; ((#1AIP37 if 2AIP37)) 

DIP37 t ((#2DIP37 if 3DIP37)} 

EIP37 : ((ft=lEIP37 if 3EIP37)) 

4- LEPT-OF-CURVED-LINES : 

AIP37 : {{ifSAlPSl #2AIP37)) 
FIP37 : ((#2FIP37 # 3FIP37) ) 

COMPOS ED-OF-LEFT-OP- if -OF-S IDES : 

CURVED-LINES-LEFT-OF-B s 

BIP37 : ((#2BIP37 #18IP37)) 

CIP37 t ((#3CIP37 #2CIP37)) 

CURVED-LINES-LEFT-OF-4 J 

BIP37 : ((#2BIP37 # 3BIP37) ) 

# -OF-SIDES-ABOVE-OF-COMPOSED-OP s 


3- ABOVE-OF-.CURVED-LINES ; 

AIP37 : ((#1AIP37 #2AIP37)) 

BIP37 : (#1BIP37 #2BIP37)) 

CIP37 : ((#2CIP37 #3CIP37)) 

DIP37 : ((#2DIP37 # 3DIP37) ) 

EIP37 : ((#1EIP37 #3EIP37)) 

4- AB0VE-0F-.CURVED-LINES : 

CIP37 : ((#1CIP37 #3CIP37)) 

DIP37 : ((#1DIP37 #3DIP37)) 

EIP37 : ((#2EIP37 #3EIP37)) 

FIP37 ; C(#2PIP37 #3FIP37)) 

COMPOS ED-OF-ABOVE-OF-# -OF-SIDES : 


CURVED-LINES-ABOVE-OF-3 s NIL 


CURVED-LINES-ABOVE-OP-4 : 

AIP37 : ((#2AIP37 #3AIP37) ) 
BIP37 : ((#2BIP37 #3BIP37)) 
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knowledge is box- independent and class conjectures can be 
readily made by inspecting the contents of such slots i 

The reason behind representing spatial information in 
this way lies in the answer to the following questioni 
'When and how should spatial relations be inspected for 
patterns involving their examples during the problon solving 
process? ' In the current implementation of the program, this 
is solved in the following manner. So far we have considered 
two methods of combining features, namely by specialisation 
and generalisation. So whenever a task is selected which 
suggests combining a feature with some other feature the 
two former methods were tried out. Now the program will 
consider a new possibility of relating two features which 
is whether the two features are related by any spatial 
relation. In other words, investigate whether any spatial rela^ 
t:'.on, left-of for example,oonnects two figures such that the 
first one is described by feature f(l) and the second by 
feature f(2), where f(l) and f(2) are the two features 
being combined. 

The next chapter provides the complete solution to 
problana 37 where the lule involves a spatial relation. 

Let the slot f( i)-r(k)-f( j) where f(i), f(j) are 
features and r(k) is a spatial relation be defined as a 
feature— relation. Its aspects namely (a( i)— r(k)— a( j) 1 
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for all i, j a(i), a(j) e A(i)tJ A(j)) are termed as 
aspect- relations. For example, number-of-sides-above-of- 

sketch is a feature-relation and 3-above-of-outline is an 
aspect-relation associated with it. 

A heuristic useful in investigating feature-relations 
parallel to the second heuristic in the first section of 
this chapter is the following; 

For each aspect- relation a( i) of the feature- relation f 
IF a(i) occurs in every box belonging to class c 
THEN add the following task to the agenda; 

Conj ecture; Everytox in class c has aspect— relation a(i) 
of feature- relation f. 

This heuristic is useful in problsns 36, 37, 47 and 48 
among others (see appendix 2). We conclude this brief analysis 
of rules involving spatial relations and turn to the compu- 
tation of feature and feature- relation ratings. 

4.4 Evaluation functions 

In this section we provide answers to the following 
questions; 

( i) Why are worths necessary? 

( ii) How are the worths of features and feature- relations 
actually computed"? 
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So far in our discussion the need for worths for 
features and feature- relations has not been motivated. We 
illustrate here that the crux of the program's problem- 
solving ability lies in the capacity to select features and 
feature- relations from a list of possibilities using their 
worth as an index of their importance. 

The function used to compute the worth of a feature f 
is given below; 

worth (f) =(l/iA(f)}) X 2 (number of figures in box b 

over all 

boxes in c possessing aspect a of feature 
f ) /( total number of figures 
in b) 

where A(f) is the set of aspects of f which actually occur 
in the class. 

An example will illustrate the computation of worths by 
the above formula. Consider problem 28 (see figure 3,1). 

We assume that the worths of the features are to be calculated 
over the boxes of class I. 

( i) Feature - area 

lA(area)l =1 as all figures in class I are small. 

For all the boxes in class 1/ 

(number of figures 

possessing small area)/( total number of figures in box) = 1 
Hence the worth (area) = 10 x 6 = 60, 
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( ii) Feature - shape. 

The calculation of worth ( shape) is the same as ( i) since all 
the figures in class I are convex. 

Hence worth (shape) =60, 

( iii) Feature - figure- type 

Worth ( figure-type) = 60 as all the figures in class I are 
closed. 

(iv) Feature - compos ed-of 

i A{composed-of) t = 2 as class I contains straight-line 
figures and 

curvilinear figures. Also since in every box in I, 

Number of straight-line figures + number of curvilinear 
figures is = total number of figures in the box# 
we have worth (composed-of) = 1/2(10 x 6) = 30* 

(v) Feature - sketch. 

The calculation is the same as in (iv)/ so the 
worth (sketch) =30. 

(vi) Feature - n\ambe3>-of-sides* 

1 A(number“Of-sides) I =1 as class I contains only three- 
sided figures. In box A, number of three-sided figures =1/ 
and the total number of figures in A is 4 so the first term 
in the summation is (1/4) x 10 =2.5 

Repeating this calculation for all the boxes in class I 
we obtain worth (number-of— sides) = 

(10/4 + 20/6 + 0 + 30/6 -f .30/6 + O) = about 16. 
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Three types of worth calculations have been demons- 
trated, They ares ( i) Universal type: Features like area 
in problem 28, which are constant over all the boxes and 
figures. These features are given the highest worth by the 
above function, 

(ii) Binary types Features like sketch in problem 28 have 
two aspects and all the figures in each box in the class 
can be described by one of these two aspects. These are 
considered moderately interesting. 

(iii) Almost random type: Features like number-of-sides in 
problem 28 are examples of this type. Not all the figures in 
a box can be described by them and they do not occur in all 
the boxes. For example; In problem 28, in boxes C and E in 
class If no three-sided figures occur. Accordingly these 
features are rated the lowest. 

Based on the preceding observations, we can give a 
justification for the behaviour of the feature evaluation 
function, 

( i) Rates Universal features highly: An investigation of 
the aspect examples of this type either produce rule yielding 
conjectures or result in the elimination of the feature. 

Both situations are very useful from the point of view of 
solving the problem.For example iConsider the trace of problem 28 
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shown in the last chapter. The features area, figure- 
type and shape get the highest worth and are accordingly 
investigated first by the individual feature heuristics. 

All three produce conjectures which are invalid arule 
candidates, but concomitantly all of than are eliminated 
from further consideration resulting in a drastic pruning 
of the search space* 

( ii) Rates 'almost random' features lowly: Again, the 
example of problem 28 illustrates the correctness of this 
strategy. The feature number-of-sides is given a low 
priority and is hence never considered at all. As the 
solution to the problem demonstrates, numbe3?-of— s ides was 
indeed irrelevant to the rule. 

( iii) Rates binary types between ( i) and ( ii) : This enables 
the individual feature heuristics to first eliminate irrelevant 
features if any, and concentrate on those remaining features 
which are not also random types. 

This feature evaluation strategy se^s to be_ empirdcally 
correct as it was very successful on numerous pjroblems 
solved using the program. Before concluding the discussion 
on feature evaluation functions, we describe the process of 
feature elimination in more detail. The simplest strategy 
to eliminate features from consideration by other heuristics 
is to reduce their worth to zero. Clearly this must be 
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done only in those cases in v/hich the irrelevance of the 
feature to the rule i.s firmly established, as for example 
in the case of universal feahire tx^es generating conjectures 
which are invalid rule candidates ^ 

A more sophisticated strategy’- would increase or decrease 
the worth of the feature dynamically, during the problsn 
solving process, depending on whether the feature is found to 
be more or less relevant to the rule, than it was originally 
thought, A version of this was originally impl oriented in 
the program, but was abandoned later since the results of 
such a strategy seem difficult to predict. In fact, in 
some cases the effect was almost disastrous as the worth of 
some of the features started varying monotonically# 

We now turn to the computation of worths of feature- 
relations, The evaluation function which assigns worths 
to feature— relations is given below. Given a feature- 
relation f, its ■'’orth is cGiapv^uo.d as 

worth (f) =(l/|A(f)|) X 2 1 figure- tuples {f)| x 

all boxes in c 

10/C(card(b) , 2) where lA(f)i = number of aspect- relations 
of f in class Cc 

and 1 figure- tuples (f)l = number of pairs (f(l),f{2)) of 
figures 

such that f(l)is related to f(2) by an aspect- relation of 
f in box b, card (b) = number of figures in b. 

Also C(n,r) = number of combinations of n things taben r 


at a time 
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Intuitively, each stommation term gives the fractional 
number of figure pairs related by the feature~relation f, 
of the total possible number of such pairs in a box* 

An example will illustrate the computation of feature- 
relation worths by the above function. 

Consider the feature- relation ¥( -of-sides-left-of-composed-of 
depicted in structure I, problem 37 in figure 4.2, We have 
1 A( H: —of— s ides— left— of— composed— of ) ] = 2 since in class I 
there are three-sided figures left of curvilinear figures 
and four-sided figures left of curvilinear ones. Also for 
box A, 1 figure- tuples (f)i = 2r, as there is one three sided 
figure left of a curvilinear figure and one four-sided 
figure left of a curvilinear one in box A, Hence since 
I card (a) I = 2 , the first term of the siommation is = 10 x 2/3 = 
6,67, Computing the remaining terms in the same way we 
obtain, worth (#-of-sides-left-of-composed-of) = (10/2) x (2/3 + 
1/3 + 1/3 + 1/3) = 3.33 

Since the feature- relation does not occur in all the boxes 
in class I and in every box in which it does, except in A, 
it does not obtain in more than one pair, thus it has an almost 
random character and its low worth is justified. 

In summary, the following remarks may be made in 
connection with the above evaluation functions. 
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( i) The exact form of these functions is not important. 

Any function which behaves in the same way towards the three 
feature types will do the job. 

( ii) Since the worth of a task depends on the worth of its 
arguments, which are frequently features or feature- 
relations, the problem-solving ability of the program 
depends to a large part on these functions, 

4,5 The agenda mechanism 

In this section, we describe a few details of the 
agenda control mechanism which v/ere briefly mentioned in the 
last chapter. 

Task ratings 

As has been described earlier, when a task is suggested, it 
is added to the agenda after computing its worth. Here we 
describe this process of worth computation of tasks in more 
detail. 


Usually, when a heuristic suggests a task, it also 
assigns a worth to it based on some special considerations, Por 
examplesThe task "Fill-in examples of the intersection of 
the aspects a(l) and a(2) of features f(l) and f(2) in 
class c" is assigned an initial worth = average 
(worth (f(l)), worth (f(2)))- But this task is not added 
to the agenda with this initial worth for the following 


reason 
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"The final worth of a task must depend on the nature of the 
task. * * 


To justify this assertion consider the following 
argiament; 

1, Tasks representing conjectures are the most important 
and should be executed as soon as possible since there is a 
possibility that they may turn out to be valid rule candidates 
or result in a pruning of the search space. In the worst 
case, they add tasks to the agenda thus widening the breadth 
of the search, 

2, Tasks involving checking examples of features for 
patterns should be considered next in the scale of importance. 
If successful, they add conjectures to the agenda. In the 
worst case nothing happens, 

3, Tasks which add new slots to class structures can be 
treated last as these always result in a increase in the 

size of the search space. 

The above considerations are reflected in the assigna- 
tions of final worths of tasks when they are added to the 
agenda. That is, Pinal- worth (task) = Initial-worth 
(task) (1 + k) where k is a function from a task— type 
to a non— zero number. For the types of tasks illustrated 
earlier, k values are given below. 
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TASK- TYPE k VALUE 

1, Conjecture 0,5 

2, Check 0,3 

3, Fill-in 0,2 


In general# these may be any number of task— types. 

Thus for the above cases# if a conjecture# check and 
fill-in are proposed with the initial worth 30# the 
conjecture gets a final worth of 45# the check 39 and the 
fill~in 36, Thus conjectures are treated partially by the 
program. 

Possibility lists 

Consider the following general problem : 

A certain computation has to be performed on a list of 
competing data items a(l)# a(2)#,., a(n). For an example 
of this consider the following task: Specialise the aspect 
curvilinear of the feature compos ed-of in class I, Here the 
computation to be repetitively performed is that of 
selecting a feature other than that of composed-of and 
running heuristics on the pair (composed-of# feature (k)) 
to determine whether they should be combined. The problem 
is to determine a method of incorporating this iterative 
process into the agenda mechanism. 

Strategy 1: Implonent it as n copies of the task - 
’'Do X on a(i)' This simple schame has the disadvantage 
that it usually leads to an explosive situation with n(l) 
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copies of task l^n(2) copies of task 2 and so on, giving 
the agenda mechanism a breadth— first search character. 

Strategy 2: A more complex strategy is the following 
one used by Lenat's AM program [lenaT 76 ] • Implement it 
as just one burst of computation which repeats the computation 
on the data items a(l), a(2),..« • The amount of time that 
should be spent totally for this task is allotted initially. 

So the computation performed by the task is measured by a 
special parameter clause. When the amount of space/time 
allotted is over the computation ceases. The success of 
this scheme depends on the ability to allot space/time 
requirements apriori. 

Stragegy 3 ; The scheme implemented in our program is 
midway in terms -of complexity between 1 and 2. 

We introduce a new type of task called a possibilities 
list, which typically has the following structure ; 'Do x on 
a(i). Remaining elements are a(i + l),.,.a(n). Current 
task worth = f(a(i)) 'with the following interpretation ; 

When the task is initially selected, do x on the first 
element. Then select the next task from the agenda but 
reattach the previous task after decrementing the list of 
data itams by the one just completed. 

The success of this scheme depends on whether the 
worth of the task can be expressed as a function of the 
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current data element* As is shown in the next chapter/ 
this scheme is implemented for four types of iterative 
tasks / namely checking single features# specialising and 
generalising aspects and determining feature- relations* 

We conclude this chapter on problem-solving methodology 
and in the next demonstrate traces of the program in 
execution on two sample problems. Most of the points 
discussed here will be illustrated by specific example 


there 



CHAPTER 5 


ILLUSTRATING THE METHODOLOGY 

r 

In this chapter we present two more examples of 
solutions to Bongard problems as generated by the program* 
The problems being solved are 13 and 37 (for an illustration 
of these problCTis, see appendix X) » 

Problsn 37 is an instance where the 2 rule involves 
the spatial distribution of figures in a box* The trace 
should exemplify the methodology used to discover rules 
involving spatial relations between figures in a box* 

In problan 13/ we have illustrated an instance where 
both specialization and generalization of features are 
important to rule discovery. 
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5.1 


SOLUTION TRACE OF PROBLEM 13 


CYCLE # 0 

1 TASK(S) ON AGENDA 

Initialising the list (FIGURE-TYPE COMPOSED-OF SHAPE SKETCH 
AREA NUMBER— OF— SIDES AXES) of individual features for 
investigation in class IP13 


CYCLE # 1 

1 TASK(S) ON AGENDA 

Investigating the feature FIGURE- TYPE for patterns in its 
examples in class IP13 


CYCLE # 2 

2 TASK(S) ON AGENDA 

Conjecture ; Every figure in class IP13 is CLOSED 
...testing the conjecture on the boxes of class IIP13 
conjecture is an invalid rule candidate for class IP13 
since it is true of the boxes (FIIP13 EIIP13 DIP13 CIP13 
BIIP13 AIIP13) in class IIP13 

this feature is being eliminated from the list of features 
relevant to the rule 


CYCLE # 3 

1 TASK(S) ON AGENDA 

Investigating the feature SHAPE for patterns xn its examples 


in class IP13 
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CYCLE # 4 

2' TASK(S) ON AGENDA 

Conjecture : Every figure in class IP13 is CONVEX 
... testing the conjecture on the boxes of class IIP13 
conjecture is an invalid rule candidate for class IP13 
since it is true of the boxes (Flip 13 EIIP13 DIIP13 CIIP13 
BIIP13 AIIP13) in class IIP13 

this feature is being eliminated from the list of features 
relevant to the rule 


CYCLE # 5 

1 TASK(S) ON AGENDfi. 

Investigating the feature SKETCH for patterns in its 
examples in class IP13 


CYCLE # 6 

2 T-i\SK(S) ON AGENDA 

Conjecture : Every figure in class IP13 is OUTLINE 

testing the conjecture on the boxes of class IIP13 
conjecture is an invalid rule candidate for class IP13 
since it is true of the boxes (FIIP13 EIIP13 DIIP13 CIIP13 
BIIP13 AIIP13) in class IIP13 

this feature is being eliminated from the list of features 


relevant to the rule 



CYCLE # 7 

1 TASK(S) ON AGENDA. 

Investigating the feature COMPOSED-OE for patterns in its 
examples in class IP13 


CYCLE # 8 

4 T7\SK(S) ON /iGENDA 

Son j ecture s Feature COMPOSED— OF is single valued over the 
boxes of class IP13 

testing the conjecture on the boxes of class IIP13 
...conjecture is an invalid rule candidate for class IP13 
since it is true of the boxes (AIIP13 BIIP13 CIIP13 
DIIP13 EIIP13 FIIP13) in class IIP13 


CYCLE # 9 

3 TASK(S) ON AGENDA 

Trying to form combinations of features involving aspect 
CURVILINEAR of feature COMPOSED-OF in class IP13 


CYCLE # 10 

6 TASK(S) ON AGENDA 

Trying to form combinations of features involving aspect 
STRAIGHT-LINE of feature COMPOSED-OF in class IP13 


CYCLE # 11 

9 TASK(S) ON AGENDA 

Filling in examples of the intersection of CURVILINEAR 
figures and HORIZONTAL figures in class IP13 
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CYCLE # 12 

9 taskCs) on agenda 

Checking the feature COMPOS ED-OF-AND- AXIS for patterns 
involving its examples in class IP13 


CYCLE # 13 

9 TASK(S) ON AGENDA 

Trying to form combinations of features involving aspect 
CURVILINEAR-AND-HORIZONTAL of feature 
COMPOS ED-OP-AND-AXIS in class IP13 


CYCLE # 14 

13 TASK(S) ON AGENDA 

Filling in examples of the union of CURVILINEAR figures 
and STRAIGHT-LINE figures in class IP13 


CYCLE # 15 

12 TASK(S) ON AGENDA 

Pilling in examples of the intersection of STR^\IGHT-LINE 
figures and FOUR-SIDED figures in class IP13 


CYCLE # 16 

12 TASK(S) ON AGENDA 

Filling in examples of the union of STRAIGHT-LINE 
figures and HORIZONTAL figures in class IP13 
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CYCLE # 17 

11 TASK(S) ON AGENDA 

Filling in examples of tlie union of CURVILINEAR-AND-HORIZONTAI. 
figures and STR/ilGHT-LINE figures in class IP13 


CYCLE 18 

10 TASKCS) on AGEND/i 

Investigating the feature NUMBER-OP-SIDES for patterns 
in its examples in class IP13 


CYCLE # 19 

11 TASK(S) ON AGENDA 

Trying to form combinations of features involving aspect 
FOUR-SIDED of feature NUMBER-OF-SIDES in class IP13 


CYCLE # 20 

14 T/iSKCS) ON AGENDA 

Filling in examples of the intersection of FOUR-SIDED 
figures and VERTIC/iL figures in class IP13 


CYCLE # 21 

13 D\SK(S) ON AGENDA 

Checking the feature NUMBER— OF— SIDES— AND-AXIS for patterns 
involving its examples in class IP13 
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CYCLE # 22 

14 TASK(S) ON AGENDA 

Trying to form combinations of features involving aspect 
FOUR-SIDED-AND- VERTICAL of feature NUMBER-OP-SIDES-AND-AXIS 


CYCLE# 2 3 
17 T7iSK(S) ON AGENDA 

Filling in examples of the union of POUR-SIDED figures and 
CURVILINEAR-AND-HORIZONTAL figures in class IP13 


CYCLE # 24 

16 TASK(S) ON AGENDA 

Filling in examples of the intersection of FOUR-S iDED-ZiND- 
VERTIC/\L figures and STR/ilGHT-LINE figures in class IP13 


CYCLE # 25 

16 TASK(S) ON AGENDA 

Checking the feature NUMBER— OF— SIDES— AND— AXIS-AND- 
COMPOSED— OF for patterns involving its examples in class IP13 


CYCLE # 26 

16 TASK{S) ON AGENDA 

Trying to form combinations of features involving aspect 
POUR-SIDED-AND-VERTICAL-AND-STRAIGHT-LINE of feature 
NUMBER-OF-SIDES-AND-AXIS-AND-COMPOSED-OF in class IPl3 
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CYCLE # 27 

20 TASK(S) ON AGENDA 

Pilling in ©xamples of the union of POUR-SIDED— AND— VERTICAL 
figuros and OURVILINEAR— ^aND— HORIZONT/ iL figimes in class IP13 


CYCLE # 28 

20 TASK(S) ON AGENDA 

Checking the feature NUMBER-op-SIDES-AND-AXIS-or-COMPOSED- 
OP-AND-AXIS for patterns involving its examples in class IP13 


CYCLE# 29 
20 TASK(S) ON AGENDA 

Conjecture : Every figure in class IP13 is FOUR-SIDED-AND- 

VERTICiiL-OR-CURVILINEAR-AND-HORIZONTAL 

•••testing the conjecture on the boxes of class IIP13 

Conjecture is a valid rule candidate for class IP13 

TASK : STATE-RULE (IP13 NUMBER-OF-SIDES-AND-AXIS-OR- 

COMPOSED-OP-AND-AXIS FOUR-SIDED-AND-VERTICAL-OR-CURVILINE/VR- 

AND-HORIZONTAL) 

RULE: CLASS IPl 3 FDLTURE NUMBER-OF-SIDES-AND-AXIS-OR- 
COMPOSED-OF-7iND-AXIS HZaS-VALUE FOUR-S IDED-AND-VERTICAL-OR- 


CURVIL INEAR-AiND-HORIZONT/iD 


5.2 


SOLUTION TjRACE OF PROBLEM 37 


77 


CYCLE # 0 

1 task(s) on agenda. 

Initialising the list (FIGURE-TYPE COMPOSED-OF SHAPE SKETCH 
area number -OF -SIDES AXIS) of individual features for 
investigation in class IP3V 


CYCLE # 1 

1 TASKCS ) ON agenda 

Investigating the feature FIGURE-TYPE for patterns in its 
examples in class IP37 


CYCLE # 2 

2 TASK(S) ON agenda 

Conjecture s Every figure in class IP37 is CLOSED 
...testing the conjecture on the boxes of class IIP37 
conjecture is an invalid rule candidate for class IP37 
since it is true of the boxes (FIIP37 EIIP37 DIIP37 CIIP37 
BIIP37 AIIP37) in class IIP37 

this feature is being eliminated from the list of features 
relevant to the rule 


CYCLE # 3 

1 TASK(S) ON agenda 

Investigating -yihe feature SHAPE for patterns in its examples 
in class IP37 
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CYCLE # 4 

2 TASK(S) ON AGENDA 

Conjecture : Every figure in class IP37 is CONVEX 
...testing the conjecture on the boxes of class IIP37 
conjecture is an invalid rule candidate for class IP37 
since it is true of the boxes {FIIP37 EIIP37 DIIP37 
CIIP37 Blip 37 AIIP37 ) in class IIP37 

this feature is being eliminated from the list of featxires 
relevant to the rule 


CYCLE # 5 

1 taskCs) on agenda 

Investigating the feature SKETCH for patterns in its 
examples in class IP37 


CYCLE # 6 

2 TASK(S) ON agenda 

Conjecture* Every figure in class IP37 is OUTLINE 
... testing the conjecture on the boxes of class IIP37 
conjectxire is an invalid rule candidate for class IP37 
since it is true of the boxes (PIIP37 EIIP37 DIIP37 
CIIP37 BIIP37 AIIP37 ) in class IIP37 

this feature is being eliminated from the list of features 


relevant to the rule 


’T’T 


CYCLE # 7 

1 TASK(S ) ON AGENDA 

Investigating the feature AREA for patterns in its examples 
in class IP37 


CYCLE # 8 

2' TASK(S) ON agenda 

Conjecturei Every figure in class IP37 is SMTiLL 
...testing the conjecture on the boxes of class IIP37 
conjecture is an invalid rule candidate for class IP37 
since it is true of the boxes (FIIP37 EIIP37 DIIP37 CIIP37 
BIIP37 AIIP37) in class IIP37 

this feature is being eliminated from the list of features 
relevant to the rule 


CYCLE # 9 

1 T/xSKCS) on ZiGENDA 

Investigating the feature COMPOSED-OF for patterns in its 
examples in class IP37 


CYCLE # 10 

4 TASK(S) on AGENDA 

Conjectures There is a STRAIGHT-LINE figure in every box 
in class IP37 

Testing it on the boxes of class IIP37 

...conjecture is an invalid rule candidate for class IP37 
since it is true of boxes (FIIP3V EIIP37 DIIP37 CIIP37 
BIIP37 AIIP37) in class IIP37 
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CYCLE # 11 

5 TASK(S) ON AGENDA 

Conjecture ; There is a CURVILINEAR figure in every 
box in class IP37 

Testing it on the boxes of class IIP37 

, , , con j ecture is an invalid rule candidate for class IP37 
since it is true of boxes (FIIP37 EIIP37 DIIP37 CIIP37 
BIIP37 AIIP37) in class IIP37 


CYCLE # 12 

6 TASK(S) ON agenda 

Conjecture 5 In every box in class IP37 examples of 
STRAIGHT-LINE figures are GREATER THAN examples of OJUVILINEAI 
figures 

Testing it on the boxes in class IIP37 

...conjecture 'is an invalid rule candidate-^ for class IE37 
since conjectxire is true of the boxes CaIIPS^ BIIP37 
CIIP37 DIIP37 EIIP37 FIIP37 ) of class IIP37 


CYCLE # 13 

5 TASK(S) ON AGENDA 

Specialise the aspect STRAIGHT-LINE of the feature 
COMPOS ED-OF in class IP37 

CYCLE # 14 

S' TASK(S) ON agenda 

Checking spatial~relations for patterns involving their 
examples between STR/^IGHT-LINE figures and others in class IP: 
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CYCLE # 15 

9 TASK(S) ON AGENDA 

Specialise the aspect CURVILINEAR of the feature 
COMPOSED-OF in class IP37 


CYCLE # 16 

9 TASK(S ) ON agenda 

Checking spatial-relations for patterns involving their 
examples between CURVILINEAR figures and others in class IE37 


CYCLE # 17 

9 TASK(S) on /iGENDA 

Filling in examples of STRAIGHT-LINE figures LEFT-OF 
CURVILINEiR figures in class IP37 


CYCLE # 18 

9 T7.SK(S ) ON AGENDA 

Filling in examples of STR/vIGHT-LINE figtires LEFT-OF 
STRAIGHT-LINE figures in class IP37 


CYCLE # 19 

8 T7iSK(S) ON agenda 

Pilling in examples of STRAIGHT-LINE figures ABOVE-OP 
CURVILINEAR figures in class IP37 
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CYCLE # 2 0 

8 TASK(S) ON agenda 

Filling in examples of STRaiGHT-LINE figures ABOVE-OF 
STRAIGHT-LINE figures in class IP37 


CYCLE # 21 

7 taskCs} on agenda 

Checking the feature-relation COMPOSED-OF-abOVE-OF-COMPOSED-OF 
for patterns in its examples in class IP37 


CYCLE § 22 

8 TASK(S) on AGENDA 

Conjecture ^ Every box in class IPS 7 has STRAIGHT-LINE 
figures ABOVE-OF STRAIGHT-LINE figures 
Testing the conjecture on the boxes of class IIP37 
...conjecture is an invalid rule candidate for class IP37 
since it is true of boxes (AIIP37 BIIP37 CIIP37 DIIP37 
EIIP37 PIIP37) in class IIP37 


CYCLE § 2 3 

7 TASK(S) ON agenda 

Conjecture i Every box in class IPS 7 has STRAIGHT-LINE figures 
ABOVE-OF CURVILINEAR figures 

Testing the conjecture on the boxes of class IP37 
...conjecture is an invalid rule candidate for class IP37 
since it is true of boxes (BIIP37 ) in class IIP37 
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CYCLE # 2 4 

6 TASK(S) ON AGENDA 

Trying to determine spstial—relations between STRAIGHT —LINE 
figures and those described by any 1 of the aspects of 
(FIGURE-TYPE SHAPE SKETCH AREA NUMBER-OF -SIDES AXIS) 
features in class IP37 


CYCLE # 2 5 

6 TASKCS ) ON AGENDA 

Trying to determine spatial-relations between CURVILINEAR 
figures and those described by any 1 of the aspects- of 
(FIGURE-TYPE SHfiPE SKETCH AREA NUMBER-OP-SIDES AXIS ) 
features in class IP37 


CYCLE # 2 6 

10 TASK(S ) ON AGENDA 

Pilling in examples of CURVILINEAR figures LEFT-OP FOUR-SIDED 
figures in class IP37 


CYCLE # 2 7 

11 TASK(S) ON AGENDA 

Filling in examples of CURVILINEAR figures LEFT-OF 
THREE-SIDED figures in class IP37 

CYCLE # 2 8 

10 TASK(S) ON AGENDA 

Pilling in examples of CURVILINEAR figures ABOVE-OP 
POUR-SIDED figures in class IP37 
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11 TASK(S) ON AGENDA 

Filling in examples of CURVILINEAR figures ABOVE-OF 
THREE-SIDED figures in class IP37 


CYCLE #30 
10 TASK(S) ON agenda 

Investigating the features NUMBER-OF -SIDES for patterns in its 
examples in class IPS 7 


CYCLE # 31 

12 TASK(S) ON AGENDA 

Conjecture r There is a THREE-SIDED figures in every box in 
class IPS 7 

Testing it on the boxes of class IIP37 

...conjecture is an invalid rule candidate for class IP37 
since it is true of boxes (PIIP37 EIIP37 DIIP37 CIIP37 
BIIP37 AIIP37) in class IIP37 ' , 


CYCLE # 32 

13 TASK(S) ON AGENDA 

Conjecture * There is a FOUR-SIDED figure in every box in 
class . IPS 7 

Testing it on the boxes of class IIP37 

...conjecture is an invalid rule candidate for class IE37 
since it is true of boxes (FIIP37 EIIP37 DIIP3j7 CIIP 37 
BIIP37 AIIP37) in class IIP37 
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14 task(s) on agenda 

Conjecture t In every box in class IP37 examples of THREE-SIDED 
figures are EQU/.L examples of FOUR-SIDED figuresp 
Testing it on the boxes in class IIP37 

...conjecture is an invalid rule candidate for class IPS'Y 
since conjecture is true of the boxes (AIIP37 BIIP37 
CIIP37 DIIP37 EIIP37 PIIP37) of class IIP37 


CYCLE # 3 4 

13 TASK(S) ON AGENDA 

Specialise the aspect THREE-SIDED of the feature NUMBER-OP- 
SIDES in class IP37 


CYCLE # 3 5 

13 TASK(S) ON agenda 

Checking spatial— relations for patterns involving their 
examples between THREE-SIDED figures and others in class IF37 


CYCLE # 36 

13 TASK(S) on AGEND/i. 

Specialise the aspect FOUR-SIDED of the feature; NUMBER-OF— 
SIDES in class IPS 7 

CYCLE # 37 

13' task(s) on agenda 

Checking spatial-relations for patterns involving their 
examples between FOUR-SIDED figures and others in class IP37 
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13. task(s) on agenda 

"to determine spatial—irelations between THREE'-SIDED 
figures and those described by any 1 of the aspects of 
(FIGURE-TYPE SHTxPE SKETCH AREA NUMBER-OP-SIDES AXIS } 
features in class IP37 


CYCLE # 39 

15 TASKCS ) ON 7.GENDA 

Filling in examples of THREE-SIDED figures LEFT-OP 
FOUR-SIDED figures in class IP37 


CYCLE # 40 

15 TASK(S ) ON AGENDA 

Filling in examples of THREE-SIDED figures ABOVE-OF 
FOUR-SIDED figures in class IP37 


CYCLE # 41 

15 TASKCS ) ON AGENDA 

Trying to determine spatial-relations between POUR-SIDED 
figures and those described by anyl of the aspects of 
(PIGURE-TYP'E SHxYPE SKETCH AREA NUMBER-OP-SIDES AXIS ) features 


in class IP37 
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CYCLE # 42 

15 TASK(S) ON agenda 

Checking the feature-relation NUMBER-OF-SIDES-ABOVE-OP 
COMPOS ED-OF for patterns in its examples in class IP3^ 


CYCLE # 43 

15 TASK(S) on AGENDA 

ConjectTore s Every box in class IPS 7 has THREE-SIDED 
figures ABO VE-OF -CURVILINEAR figures 
Testing the conjecture on the boxes of class IIP37 
Conjecture is a valid, rule for class IP37 

TASK: STATE-RULE (IP37 NUMBER-OP -SIDES-ABOVE-OF-COMPOSED-OF 
THREE-S IDED-ABO VE -OF -CURVILINEAR ) 

RULES CLASS IP37 FEATURE NUMBER-OF -SIDES-ABOVE-OF-COMPOSED- 
OF HAS -value THREE-SIDED-ABOVE-OF-CURVILINEAR 



CHA.PTER 6 


CONCLaSIONS 

In this chapter we consider briefly the capabilities 
an(i limitations of our methodology for solving Bongard 
problems# We conclude the thesis with some suggestions 
for fut-ure work. 

The main issues that are of interest are: 

(i) The scope of the representation and heuristics. 

(ii) The domain independent_nature of the knowledge 
used in rule discovery. 

(iii) Advantages and limitations of the program structure. 

(iv) Potential for further work. 

The issue of the scope of the representation and 
heuristics lies in the answer to the question. 'How many 
and what types of Bongard problems can be solved with the 
existing representation and set of heuristics? 

While designing the program, a set of thirty problems 
from the original hundred were used for trial runs. Our 
claim is that with appropriate and justifiable extensions 
to the representation and heuristics, practically all the 
problems in the original collection of one hundred problens 
lie within the solvable class; 
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AS an indication of the validity of the above claim, 
we make the following observations i 

(a) If a new Bongard problem is selected, the individual 
figures can be represented by choosing an appropriate 
set of descriptors from the set U of 2-D geometry 
descriptors . 

(b) These descriptors, if not already present, can be 
added to the existing feature set as new slots in the 
figure,' box and class structures. 

(c) It follows from the present formulation of the problem, 
that a rule can be discovered only if the representation 
includes all the constituents, like features and 
relations, needed to construct that rule. 

To elaborate on this point, consider the_ example of 
Bongard problem 50, illustrated in appendix 2 . The rule is 
that the contents of every box in class I are symmetric with 
respect to the y axis. Since symmetry with respect to an 
axis is not a part of the existing set of descriptors used 
in our representation, to be able to solve this problem 
requires that the feature 'y-axis -symmetry' be included in 
the representation. We are not concerned here with the 
lower level processing needed to compute this feature from 
the representation of the 'raw' image, as for example a 
pixel representation. The parsimony or completoaess 
choice of features is not the issue here (provided, of course. 
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they are reasonably chosen. To take an example, consider 
problem 13 . While the choice of the features axis, number- 
of-sides and composcd-of is reasonable, including 
features like 'feature-X' where feature-x describes those 
figures which are four-sided and have their axis vertical 
will not be a reasonable choice). 

(d) It should be evident from our earlier account of our 
problem solving methodology that heuristics can be added to 
the system to enhance the capability of the program to 
discover rules involving new patterns. For example*. To 
enable the system to recognize rules involving compound 
features, the appropriate heuristic need only be addedi 
Similarly heuristics which investigated spatial relations 
enabled rules involving spatial relations to be discovered. 
Contrast this with traditional pattern recognition systems 
where such performance increments cannot be achieved so 
easily. 

For some of the problems it might be that the represen- 
tation and processing needed to discover the rule becomes 
very complex and unwieldy. However by selecting an 
appropriate set of descriptors for figures and relations 
between th^, it should be possible to generate the rules 
using the methodology we have outlined. The limitations 
lie not along this direction but along a different one as 
ej^plained later in this chapter. 
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Since the knowledge used to discover rules is largely 
independent of the particular domain, applications of this 
methodology to other domains for rule discovery is possible. 
One promising area seems to be the problem of cell classi- 
fication. A preliminary analysis of one such problem 
(see appendix 4) shows that the cell classification problem 
can be solved using our methodology. 

Features here would correspond to geometric properties 
of cells ■; as well as various cell bodies found in them; 

A rule would correspond to a test needed to determine 
whether a particular cell is of type X or not, which could 
depend on the presence or absence of certain types of objects 
occuring in the cell. A cell here is analogous to a box 
in our case. 

AS wc had mentioned earlier, one of the advantages of 
our methodology lies in the separation that exists between 
the descriptive part of the representation and the part 
consisting of the heuristics. Specifically since the 
declarative part of the knowledge representation can be 
expanded independently without affecting the procedural 
part and vice-versa (within reasonable limits), any 
additions needed in the problem solving capability of the 
program is easy to incorporate. 
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This organisation will be very important and useful 
when attempting to apply this methodology to other domains. 

The overall problem can be broken up into a simple core compone 
and incremental layers of performance improvement about 
the core. So after the basic problem is solved (for example.- 
in our case the discovery of rules involving individual 
features ), extensions to the existing set-up is easily made 
(in our case rule discovery involving feature compositions 
and relations ) . 

We now txirn to the limitations of our methodology. The 
most important limitation is that with the existing set-up 
automatic modification or expansion of the knowledge base 
cannot be achieved. That is, methods by which some form of 
learning takes place is not possible at present. This would 
imply that the system should be able to synthesise new 
heuristics and thus improve its problem solving capability 
on its own# 

The following changes need to be made: 

(i) Presently heuristics are implemented as opaque pieces 
of LISP code. An alternative method is to_represent 
heuristics also in some declarative format# This will 
enable heuristics to be modified and thus new heuristics 
can be derived from existing ones. 
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Tbis is currently being pvirsued by the EURISKO 
research group [^LENAT 83]. 

(ii) Too much knowledge has been encoded into a single 
heuristic. One modification that could be made is to split 
the existing set of heuristics into a large number of simple 
ones , 

(iii) Presently tasks are proposed and rated by individual 
heuristics with no attempt at supplying reasons or 
justifications for the act- One change would involve 
collecting and categorizing reasons for task proposals 
and rating each reason independently. Then the worth of 
the task would be the terms of the worth of its supporting 
reasons [LENZVT 76]. 

(iv) The structures we use to represent figures, boxes 

and classes are just simple versions of the frames knowledge 
representation scheme [MINSKY 75]. We have not used the 
word 'frame* since two important components of the frame 
theory, namely default slot values and procedural attachments 
to frames are not used by us. While it is not clear how 
the first technique could be used for problem solving, linking 
procedures to slots in the structures used in representing 
classes could be a useful addltioi) to the existing Implementation. 

Future work lies along all the above directions. Further 
Investigation of the Bongard problems definitely needs to 
be done as any such endeavour could yield results valuable 
to the overall theory of problem solving. 
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APPENDIX 1 


LIST OP HEURISTICS 


We list here the entire set of heuristics that were 
used for solving Bongard problems. The list is not 
complete in the sense new types of problems may require 
additional heuristics. We have categorised these into 
those connected with 

( i) Individual features 
( ii) Specialisation of features 

( iii) Generalisation of features and 

(iv) Spatial relations. 

( i) Individual features ; 

1 • For a feature f and class c, 

if f has a single aspect in c, and every figure in c 
is described by f, then conjecture that every figure of c 
has aspect a of f. 

2 • For an aspect a of feature f and class c^ 

if every figure in c is not described by f/ and a 
occurs in eve 3 ry box in c, then conjecture that every box 
of c contains a figure described by aspect a of f* 

3. If a feature f has multiple aspects in c, then 
try to discover patterns in f by applying (2) on every 
aspect a of f. 
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4. If a feature f has imiltiple aspects in c, try 
to determine numeric relationships between examples of any 
two different aspects of f, 

5* For a feature f and class c, if f has multiple 
aspects in c, but for every box in c, f has a single aspect^ 
conjecture that f is single— valued over c* 

6*. For a feature f and class c, if f occurs only in 

some- boxes in c, and it occurs in every figure for those 
boxes, then try to form doubletotis" of features involving 
f and investigate them* 

1 For a featixre f and class c, if f occurs only 

in some boxes in c and it occurs only in some figures 
in a box, reduce the worth of this feature since it has a 
random occurence, 

q. If the worth of a feature f is modified, then 
recompute the worths of all taslcs on the agenda involving f 

9, If a group G of features f satisfies (2) in 

class c, conjecture that every box in class c contains 
figures identical, over G. 

10, For aspects a^ and a^ of feature f, if the 

set of examples of a^^ is related to that of hy the 

same numerical relation in both classes, reduce the worth 


of f slightly* 
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ll* For an aspect a of if a occurs in every box 
in a class and in any box in the other class, tiry to specialisea. 

12*. For an aspect a of f if a occurs in every box 

in a class and in any box In the other class detemlhe spatial 
relations between figures described by a and others in the class. 

13, If a feature f occurs in every figure in both 
classes and f has a single aspect in both classes, reduce 
the worth of f to zero.. 

14, To check a conjecture about a class c involving 
aspect a of f, a quick method is to determine whether a 
occurs at all in the other class.. 

15, If f is a newly created feature whose aspect 
examples have just been filled in, it might be worthwhile 
to immediately investigate it for unexpected conjectures. 

16, For a feature f and its aspects, if a task 
involving f exists on the agenda with w^, and an 
identical task is reproposed with worth w^, then alter the 
worth of the existing task to maximum (w^,W 2 ). 

Feature special isation 

17, -A conjunction of aspects a^ and a^ of 

feature ana respectively. Is Interesting if 

(i) f and f. have non- zero worths. 
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( ii) and have worths which differ by a factor 
less than 3. 

( iii) intersection of examples of a^ and a^ is non— null* 

( iv) all examples of are not examples of a^* 

(v) all examples of a^ are not examples of Uj^* 

18* To specialise aspect a of feature f, choose the 
most interesting feature t* different from f# and for each 
aspect a' of f', apply (17) on the pairs (a/f) /(a',f') • 

19. If two features and f^ are being combined 
where f^ and f^ are themselves composite/ if number-of— 
feature-parts (f^) + numbei>of-feature-parts (^ 2 ^ ^ nximber 
of features having non— zero worth* then this composition is 
not interesting. 

20. To specialise aspect a of feature f* form a 
possibilities list of other features which may form a useful 
combination with f, and apply (18) on this list. 

21. If efforts at combining a of f with any aspect of 
f' failed* repropose this tasb with a different feature f" 

such that 

«rth (f'i > worth (f") > worth (£*) for all # other 
than f ' / f and f " • 

Feature gen eralisation 

22. A disjunction of aspects a^ of % and a^ of 
is interesting if 
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' and have non— zero worths 

(ii) example of a^ ^ examples of the union of and a^. 

(ill) worth (f^) differs from worth (f^) by less than 1.5. 

( iv) all examples of a^ are not examples of a 2 « 

23, To generalise aspect a of f, applying (20) on the 
pair (a^a'), where a'' is an aspect of f itself, different 
from a, may yield useful conjectures. 

24, To generalise aspect a of f fojon a possibilities 
list of other features which may form a useful disjunction 
with f and apply (20) on each aspect of the most interesting 
feature in the list. 

25 , If a generalisation of aspect a of feature f with 
feature fails, repropose this’ task using other features 
as generalisation candidates. 

Relations 

26» If the aspect- relation a of the feature- relation 
f occurs in every box in c, then conjecture that fact. 

27 , If, for every occurence of a relation R between 
two figures y figure 1 and figure 2 in each box in a class, 
some feature f is common to all the figure 1 s and some 
feature i* is common to all the figure 2^s. Conjecture that 
in all boxes in c, figures described by f are spatially 
related by R to figures described by f'. 
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28* For a relation R and class c, if for every box 
in c , it is possible to find figure-pairs (figure 1/ 
figure 2), (figure 3, figure 4), related by R such that 
figure 2 is identical to figure 3, then conjecture that R 
is a binary relation with a non- trivial transitive closure. 

29. While filling in examples of the aspect-relation 
a-r-b of the feature- relation f-r-f ' / a useful strategy is 
to fill in b-r-a also . where r is a spatial relation and 
a and b are aspects of features f and f' respectively^ 

30, For a spatial relation R and class c for every 
box in c, try to determine numerical relationships between 
figures related by R and those which are not. 
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APPENDIX 3 

IMPLEMENTATION DETAILS 

We describe here a few details about the implementation 
of our methodology. The program was coded in LISP, the 
version used being a superset of UCILISP [c.M.U. version 
^78^ , running on a TOPS-10 system. The size of the 
program was about 200 LISP functions. 

Structures were implemented as property— lists of 
LISP atoms. Heuristics were coded as lambda expressions* 

If a heuristic was relevant to-a particular task, it was 
placed on the property list of the atom representing the 
task name. The number of slots in a typical class 
structure was initially about 10 and grew to a maximum 
of 20 at the end of the problsti— solving session. 



APPENDIX 4 


AN APPLICATION OF THE METHODOLOGY TO CELL CLASSIFICATION 


We describe here an application of our methodology 
for solving Bongard problans. The new domain we have 
chosen concerns the problem of cell classification# 

This example has been taken from [ MICHALSKi] * Some 
reasons for this choice are: 

( i) The example vividly illustrates most of the claims 
we made in chapter 6 regarding the expandability of our 
methodology. Specifically 

(a) The domain independent nature of the 
heuristics. 

(b) The addition of new descriptors to represent 
figures and boxes. 

(ii) It should prove interesting to compare our approach 
to this example and the one outlined in [ MICHALSKi] . 
Specifically there the knowledge base Is ejqjressed as a 
set of predicate calculus assertions and a set of 
inference rules for guiding the rule discovery process. 

The cell classification problon is illustrated 
in figure A4.1. The basic problem is to determine a 
rule distinguishing the DNC cells from the DNN cells, 
where the former type are cancerous and the latter-type 

are non 


i-cancerous in nature. 



FIGURE A4.1 


ONC 
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The representation chosen 

below: 

1 • The set of features and 


FEATURE 

i. Number-of-cell-segments 

ii. type-of-protoplasm 

iii. shape 

iv. texture 

V. weight (of a cell body) 

vi. orientation 
vii# number-of-tails 

As earl ier/ 
aspects 
1 and 2 
others are 


for this problem is described 

aspects : 

ASPECTS 

s {1.,.10} 

{A,B,C,D} 

s {triangle/ circle, ellipse, 
heptagon, square, boat, 
spring} 

: {blank, shaded, crossed, 

wavy, solid-black, solid- 
gray, stripes} 

: {1...5} 

: {N,NE,E,SE,S,SW,W,NW} 

{1,2,3} 


each feature is composed of one or more 
One additional qualification here is that feature 
are used to describe the cell itself, while the 

used to describe cell bodies enclosed in the cell 


2 • Two basic operations on feature pairs are conjunction 
and disjunction. So the connectives set C = {and, or}. 

3. Spatial-Relations : We include the relation inside-of 
as a spatial relation relevant to this problem. 
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4. The set P can be defined ae dLn chapter 2. 

Using the above descriptors, figure A4*2 depicts a 
structure representing the DNC cell 1* The technique used 
to represent features and their aspects as well as spatial 
relations is the same as the one tste outlined in chapters 3 
and 4. Ihe only additional term here is the occurence of 
features used to describe the 'global' properties of the 
cell like the number of segments in the circumference of 
the cell. 

Similarly, figure A4,3 depicts a portion of the 
structure representing the DNC class of cells. The 
advantages accruing from such a 'structured' representation 
is clear from these two figures. Since all information 
about the contents of the DNC class is organised into slots 
representing features, sub-slots representing their aspects 
and ternary slots representing cells in which examples of 
these aspects are to be found, the process of computing 
a rule distinguishing the DNC class from the DNN becomes 
quite straightforward. 

For example, consider the following rule distinguishing 
DNC cells from that of DNN cellsj 

1 . Every DNC cell has at least one body with nuraber-of 


tails = 1 
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Figure A4,2 


Structure DNCl 
is-a : cell 


numbex^o f ~ c el 1 — s egmen ts 

• 

• 

8 


type-of-protoplasm 

# 

A 


member 

♦ 

m 

DNC 


elements 

m 

m 

(DNCIBI 

DNC1B2 DNC1B3 DNC1B4 



DNC1B5 

DNC1B6) 

shape : 




ellipse 

• 

DNCIBI 


'Circle 

• 

• 

(DNC1B2 

DNCl B 3 DNC1B4 DNC1B6) 

boat 

♦ 

• 

DNC1B5 


texture ; 




stripes 


DNCIBI 


blanlc 

* 

« 

DNC1B2 


shaded 

• 

« 

DNC1B6 


solid-black 

% 

(DNC1B3 

DNC1B4 DNC1B5) 

orientation : 




NW 

• 

DNCIBI 


NE 

m 

DNC1B5 


inside-of 

m 

(DNC1B3 

DNC1B2) 


Note : DNCl represents cell 1 in the DNC class. 

DNCIBI represents the cell body Bl in the above cell 
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Figure A4*3 

Structure DNC 
is— a : class 

elements : (dnci DNC2 DNC 3 DNC4) 

number-of-tails : 

1 : 

dnci : DNC1B5 

DNC2 : (DNC2B3 DNC2B5) 

DNC3 : (DNC3B6 DNC3B7) 

DNC4 ; DNC4B3 
numbei>»of-cell-segments ; 

6 ; DNC 3 

8 : (DNCI DNC4) 

10 : DNC2 

shape ; 

Triangle : DNC4 : DNC4B5 

circle : DNCI : (DNC1B2 DNC1B3 DNC1B4) 

DNC2 ; (DNC2B2 DNC2B4 DNC2B6 DNC2B7) 
DNC3 ! (DNC3B1 DNC3B3 DNC3B4 DNC3B5) 
DNC4 : (DNC4B2 DNC4B3 DNC4B6 DNC4B7) 
ellipse ; DNCI : DNClBl 


other slots 
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This rule can be discovered by a process exactly 
analogous to Bongard problems 21, 24 and 
appendix 2) • Consider heuristic 2 (see appendix 1 or 
chapter 4) , reproduced below. 

'For a feature f, aspect a and class c 

if every figure in c is not described by f, and a occurs 
in every box in c, 

then conjecture that every box in c has a figure described by 
aspect a of f.' 

For f = number-of- tails, a = 1, the above heuristic rule 
yields a conjucture which is added to the agenda* When 
this conjecture is checked on class DNN, it fails, and 
hence yields the rule defining the class of DNC cells. 

We list below some other class if icatory rules for the 
DNC cells. It should be evident how such rules could be 
discovered by existing or new heuristics, 

2, Every DNC cell has exactly one body with shaded texture 
and weight 2l 

3, Every DNC cell has an even number of cell segments, 

4 , Every DNC cell has at least one boat shaped body with 

axis of orientation N or NE. 

We conclude this brief analysis of the example of an 
application of our methodology. We have thus demonstrated 
the domain independent nature of our heuristics and the 
expandibility of our representation scheme. 



